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Abstract

A high level of school absence has persisted across many countries since the Covid-19
pandemic. We use English data to investigate how local health and social regulations
affected pupil absence rates during the pandemic and whether this pupil absence had a
causal impact on school attendance and academic progress in future years. We find that
more stringent regulations caused higher rates of school absence at that time, with bigger
impacts in more disadvantaged areas and for lower socio-economic groups. Absenteeism
during the pandemic caused lower attendance and rates of achievement in subsequent
years. Our evidence suggests that the persistent effect is caused by changes in parents’
and pupils’ attitudes to attendance and not because of rules forcing students to stay at
home when they had been in contact with others who had Covid-19.
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1. Executive summary

Globally, children experienced long periods of absence from school during the Covid-19
pandemic. Absence rates remain very high in many countries, with huge increases in
“chronic” absenteeism where students are regularly missing from school. These high
levels of absenteeism are of obvious concern, given the potential impact on educational
outcomes and inequalities. Many studies worldwide have documented these higher rates
of absence, alongside a drop in educational achievement and progress post-pandemic.
Although it appears that school closures during the pandemic are relevant, this is only part
of the story — and perhaps not the main part — with changing attitudes and an increased
incidence of mental health issues such as anxiety playing a role. There has also been
speculation that the tolerance of absence or enforcement of home-schooling during the
pandemic has given rise to a new culture of persistent absenteeism. But these inferences
are generally based on before-after comparisons of absence and achievement or
qualitative surveys. Previous research has not yet investigated whether a student’s
absence during the pandemic had any causal impact on their subsequent attendance and
academic progress.

In this project, we investigate two related questions: In what ways did health and social
policies during the pandemic affect pupil absence at the time? Did higher absence during
the pandemic affect students’ post-pandemic attendance and academic achievement? We
find that absence induced by health and social policies that encouraged home working,
closed businesses and restricted social contact during autumn 2020 caused higher rates
of school absence and lower rates of achievement in subsequent years (2021/22). The
effects on future absences are large and persistent for secondary schools (less so for
primary schools). We find large effects on primary school attainment, where attendance at
school is likely to be one of a number of possible mechanisms. We do not find effects on
secondary school achievement, although changes to GCSE exams over this period make it
likely that the measures do not properly capture the effect of absences on knowledge and
skills.

We focus on autumn 2020 because a regime of local regulations was in place (the Tier
regulations, explained further below) that generated differences in the social and
economic environment in which different schools were operating. This led to variation in
absence rates across schools and, we argue, caused changes in parents and pupils
attendance behaviour even when schools were ostensibly open. We use this variation as a
“natural experiment” to identify the causal effect of absences on future outcomes. Thus,
the effects we identify do not come from national lockdowns when students did not go to
school at all and they do not come from “forced” absence where students had to self-



isolate. They come from variation in “voluntary” absence from school — an unintended
side-effect of Tier regulations which were not directed at schools.

What happened to absences?

The focus of our study is the change in pupil absenteeism over the pandemic period. Prior
to the pandemic, overall absence was 3.5% to 3.7% of sessions missed in the autumn
terms. Autumn 2020 was the first full term when schools were fully open after the first
wave of the pandemic but occurred as the country entered a second wave and new
government restrictions. Overall absence rose to 13.5%, with pupils absent for 5.6% of the
sessions available, after deducting those lost to compulsory absence and lockdowns
during the term. In the autumn term of 2021, overall absence had fallen to 9.3%, on
account of a fall in the number of students who had to “self-isolate” (because of a Covid
infection among their classmates). Average “unforced absence” (ie unrelated to Covid)
increased to 7.7%, more than double what it was pre-pandemic.

The influence of Covid restrictions on pupil absences

There are two parts to our analysis. The first looks at the effect of England’s pandemic
policies on pupil absence in schools, and the associations between characteristics of
schools and the proportions of students absent during different phases of the pandemic.
This analysis makes use of both the daily school survey data and the pupil-level data from
the National Pupil Database. The second part moves on to an analysis of the influence of
central and local government policy decisions on pupil absence.

In England, outside of national lockdown periods, schools were allowed to open for
students. Even so, there were two periods when government policies were in place that led
to geographical differences in the attitudes to, and constraints on, school attendance. The
first was after the first national lockdown. Central government guidance was for primary
schools to start re-opening from 1 June 2020 and secondary schools from 15 June 2020.
This guidance was controversial because of worries about safety among staff and
parents, and because it was only a matter of weeks until the end of the school year. Local
Authorities (LAs) differed in their level of support for this re-opening policy and provided
their own guidance on whether schools should re-open. Over the first period, only about
25% of LAs advised their schools explicitly to follow government advice on re-opening
during the summer term of 2020.

Our second policy period is during local Tier restrictions in autumn 2020, whereby local
areas were placed in different categories according to local levels and growth rates of
infections. These Tier categories ranged from 1-4, with higher Tiers subject to greater
restrictions on the business and social activities that were legally permitted. Schools spent
an average of 7.4 days under local lockdown (driven by a small number of schools in a few
LAs under lockdown for extended periods). During the first half of the term, the first period
of the Tier regulations, schools spent an average of 10.6 days in Tier 1 (“Moderate Risk”,
least restricted), 9 days in Tier 2 (“High Risk”) and 2.4 days in Tier 3 (“Very High Risk”, most
restrictions). During the second half of the term, schools spent on average: 0.2 of a day in



Tier 1, 8.6 days in Tier 2 and 8.2 days in Tier 3, after which schools closed for the
Christmas holidays. In all Tier levels, people were advised to work from home and social
gatherings were limited to six people. Higher level Tiers had increasing restrictions on
entertainment businesses and social activity, Tier 2 and 3 banning indoor private
gatherings, and Tier 3 banning outdoor gatherings in private spaces, like gardens. A Tier 4
was introduced in the middle of December 2020, after schools had closed for Christmas,
but extending into the term of early January 2021.

We investigate to what extent this local policy variation had an impact on school absence
at the time of these restrictions (even though schools were allowed to open for students).
We find a strong influence of national and local government guidance on absences.
Absence rates were significantly higher in summer 2020 for schools that were not
explicitly advised to follow government policy on re-opening, though this had no lasting,
detectable effect on subsequent absence or achievement. The Tier regulations in autumn
2020 also had a big effect on contemporaneous absence rates. We find they also had
long-lasting effects on absence and achievement, so these Tier regulations are a principal
focus of our pupil-level analysis described below. The contemporaneous effect of the Tier
regulations on absence is illustrated in the figure below. This shows that relative to the
baseline (ie lowest restrictions in Tier 1), pupils in areas that were part of Tier 2, 3 or 4
were more likely to be absent by 3%, 2% and 5% respectively in primary schools and by 2%,
0.6% and 5% in secondary schools.

But more striking than the relationship between local policy variation and pupil absence is
that fact that pupils from lower socio-economic groups were much more strongly
impacted. There are large effects from the interaction of days spent in Tier 2 or 3 and the
deprivation score (using the Income Deprivation Affecting Children Index (IDACI) of a
pupil's home neighbourhood). In other words, effects of the Tier 2 or 3 restrictions (relative
to the least restrictive Tier) on school attendance were greater for students who live in
disadvantaged areas. This is true even after conditioning on a range of pupil, school and
local area characteristics. For example, our estimates suggest that eight days in Tier 2 or
Tier 3 induced half a day of absence over the term for a student in the least deprived area
and 2.25 days of absence for a student in the most deprived area. A student in an area
with the average deprivation score, spending the average of 16 days in either Tier 2 or Tier
3, would have had 2.9 percentage points (one and a half days) more absence than those in
unrestricted areas. These are big effects given the baseline mean absence rate of 3.5% in
the pre-pandemic period.



The Association between Tiers and Pupil Absence (Autumn/Winter 2020/21)

Association between Tiers and absence (%): primary schools

Tier 2 Tier 3 Tier 4/Local lockdown

Association between Tiers and absence (%): secondary schools

Tier 2 Tidr 3 Tier 4/Local lockdown

Note: The figures plot the coefficient in a regression of pupil absences on Tier. They should be interpreted
relative to the least restrictive tier (or Tier 1). For example, a pupil within a Local Authority under Tier 3
restrictions was more likely to be absent from school by 3 percentage points relative to a pupil in a Local
Authority under the least restrictions.




Did policy-induced variation in absences have an enduring effect?

The second part of our project investigates whether policy-induced restrictions had an
enduring impact on future absences and pupil achievement. We use administrative pupil-
level data, to model the change in pupil absences before and after the pandemic (ie up to
2021/22) as a function of local policies during the pandemic, controlling for pupil, school
and local area characteristics. Our estimates suggest that a 10% increase in absences
induced by the local 2020 pandemic policies persisted as a 6.5% increase in absence the
following year. Extrapolating this to future years implies that the impact of the 2020 policy
shock would take seven years to erode to 5% of its initial value. This calculation assumes
that the level of persistence between 2020 and 2021 continues into future years. For
example, in 2021, an average pupil’s absence rate was 0.65 times the initial change in
2020. By 2027 it would be 0.657 = 0.049 times this initial shock. The persistence of
absence over time differs between primary and secondary school, with fade-out taking
much longer in the latter case, as illustrated in the below figure. There are also differences
between pupils from low-income and high-income families. Absences are twice as
persistent for the former group.

Persistence of absence, by phase
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What about chronic absenteeism?



Much of the focus of academic and policy discussion has been the rise in chronic
absenteeism, meaning very high levels of absence for some pupils. We estimate the effect
of local policy variation in restrictions on the probability that a pupil’s rate of absence
exceeds a certain threshold in 2021/22 — namely 10%, 20% or 40% of sessions over the
term. These absence rates changed dramatically over the short period we are considering.
The proportion absent for more than 10% of sessions over the term (ie one day every two
weeks, or a week every term) more than quadrupled. The proportion missing 20% of
sessions is seven times higher than before the pandemic. The proportion missing 40%
(two days a week, or four weeks per term) is 10 times higher. We show that the knock-on
effects of absence in autumn 2020 explain most of the increase in over-20% and over-40%
absence rates, and a substantial proportion of the increase in over-10% absence rates.
Missing 10 sessions (five days) in autumn 2020 increases the probability of missing more
than 40 sessions (20 days) in 2021 by 7 percentage points (note that this is from a low
base: the pre-pandemic mean was 0.2%).

Forced versus unforced absence

A crucial issue to remember is that schools were open during the autumn 2020 period
(apart from two weeks in the second national lockdown), and much of the absence
observed this term was not enforced by schools or by government. The absence rate
categorised as compulsory — because pupils were self-isolating — was 8.7%; the absence
rate for other reasons (not directly Covid related) was 5.6%. A salient question then is to
what extent the effects of autumn 2020 absence were due to compulsory absence or due
to more “voluntary” types of absence. When we separate “forced” and “unforced”
absences in our regression analysis, almost all of the enduring effect comes from
“unforced” absences. This is consistent with a shift in family attitudes to attendance
during the autumn term of 2020, induced by the local public health policies, social and
work restrictions of the time, that has persisted. In contrast, being prohibited from
attending school seems to have had little lasting impact.

Impact on achievement

We analyse whether absences induced by local policy restrictions have an impact on Key
Stage 2 test scores in 2021/22 and GCSE scores in 2021/22. Our methodology implies
that we are comparing a pupil in an area with a given IDACI (deprivation) score, in a given
school in the pandemic cohort, with another pupil with the same IDACI score, in the same
school but in the pre-pandemic cohort. We find Tier regulations came at an average cost
of around 1.6 percentiles of achievement in maths and GPS (grammar, punctuation and
spelling), and 0.5 percentiles in reading at the end of primary school. We cannot know for
sure whether these results reflect the direct effect of pandemic policies on absences
(which in turn influenced test scores) or whether they reflect the indirect effect of these
policies on children’s mental health or family financial resources which could influence
future achievement without affecting attendance at school.



The way in which absences translate into future achievement differs between subgroups
of students. Even though more disadvantaged students have greater sensitivity to
pandemic policies, the effects on KS2 maths scores are larger for more advantaged
students (although not always by an amount that is statistically significant). This might
reflect a smaller relationship between absences and achievement in the lower part of the
distribution. For KS2 reading, there is no effect of past absences on students from less
deprived neighbourhoods but a large effect on those from the most deprived; and there is
an effect for boys but not for girls. These differences are plausibly due to different reading
habits outside school. It is well-documented, for instance, that boys read less than girls in
their leisure time.

We show that absence due to self-isolation (or “forced absences”) had a much smaller
effect on test results than absence of a more voluntary nature. The latter (induced by
pandemic policies) is estimated to have large effects: an absence rate of 1% reduces
reading scores by 1.8 percentiles, maths scores by 5.5 percentiles and GPS scores by 6.2
percentiles. But as noted above - it may be that these policy effects are not entirely driven
by the direct effect of policies on pupil attendance.

With regard to GCSE, although there is a negative correlation between absences and
student achievement, we do not find any detectable causal effect of absence that is
induced by policy variation during the pandemic. We cannot attach importance to this
result, however, because GCSE results in 2020, 2021 and 2022 were not measured on a
comparable basis with pre-pandemic years. They were adjusted to compensate for the
challenges students faced during the pandemic period. The measure, thus, does not
reflect how students’ knowledge and skills developed over this period.

Conclusion and policy implications

Variation in policy restrictions during the pandemic had large unintended consequences
for student absence at the time and in subsequent years. This happened despite the fact
schools were ostensibly open and are not driven by students needing to self-isolate. This
illustrates that the effect of the pandemic on subsequent absences and learning loss is
not only attributable to compulsory school closures. Also, it does not appear that the
disruptive effects of having to self-isolate (whenever another student became ill) had a
lasting effect on future absences or achievement. Our analysis is unable to reveal the
precise behavioural channels through which the local restrictions affected absence. The
influence of time spent in Tier 2 and Tier 3 relative to Tier 1 points to restrictions on social
interactions playing a major role, since it was in this respect that the high-risk Tiers were
more constraining.

We find that local pandemic policies had heterogenous effects on absences across
groups of students, being particularly large for disadvantaged students. This also feeds
through into persistent absence (1 year later). This is one mechanism for the widening
socio-economic gap in educational achievement during and after the pandemic. It also
illustrates that more restrictive policies negatively affected those already facing hardships.



This shows that those needing most assistance to recover from the effects of Covid-19
are those from under-privileged backgrounds.

Even though absences are more prevalent in secondary school, the effect of variation in
policy restrictions comes out more strongly in subsequent primary school attainment (at
age 11). This may be because of measurement problems in GCSEs or because variation in
policy restrictions really did have a more severe impact on younger pupils. The strong
effects observed for pupils in primary school suggests that the educational effects of
Covid-19 will persist in the absence of effective policies to counter the effect of pandemic-
induced learning loss.

This project illustrates the unintended spillover effects from government restrictions. This
is in addition to any direct effects of the pandemic (and pandemic response) and school
closures in the national lockdowns in the first half of 2020 and 2021. The focus should
now be on trying to reduce school absences through preventative measures and targeted
initiatives, which is of course more difficult to achieve at a time when school budgets
continue to be squeezed. On the bright side, our evidence on the persistence of policy-
induced increases in unforced absence rates suggests that policy-induced improvements
in attitudes to attendance could be reasonably persistent too, at least for secondary
school pupils.



2. Introduction

Globally, children experienced long periods of exclusion from school during the Covid-19
pandemic. Since then, absence rates have remained very high in many countries, with huge
increases in ‘chronic’ absenteeism where students are regularly missing from school on a
weekly basis (Mervosh and Paris 2024, Adams 2024, Taylor 2023). These high levels of
absenteeism are of obvious concern, given the potential impact on educational outcomes
and inequalities, and attendant problems like crime and poor labour market engagement.
Many emerging studies worldwide have documented higher rates of absence and a drop in
educational achievement and progress post-pandemic. There has been speculation that
the tolerance of absence or enforcement of home-schooling during the pandemic gave
rise to a new culture of persistent absenteeism in its aftermath, but qualitative evidence
points more towards Covid-related anxiety as the aggravating factor (McDonald, Lester
and Michelson 2022). But these inferences are mostly based on before-after comparisons
of absence and achievement or small qualitative surveys, rather than causal analysis.
Recent studies for the US have looked at how geographical variation in opportunities for,
and student uptake of, in-person teaching during the pandemic affected student outcomes
(Dee 2024, Jack et al 2023, Goldhaber et al 2023, Ross et al (2024). No research has yet
looked directly at whether a student’s absence during the pandemic had a causal impact
on attendance and academic progress in future years.

This study aims to answer two related questions: 1) in what ways did health and social
policies during the pandemic affect pupil absence at the time; 2) did higher absence during
the pandemic affect students’ post-pandemic attendance and academic achievement. We
find that absence induced by health and social policies that closed businesses and
restricted social contact during the early stages of the pandemic — autumn 2020 - caused
higher rates of school absence at that time, leading to lower attendance and lower rates of
achievement in subsequent years (2021/22). Our focus on autumn 2020 is motivated by
the fact that, at this time, a regime of local regulations was in place (the Tier regulations)
that generated differences in the social and economic environment in which different
schools were operating. These policies led to variation in absence rates across schools.
Our evidence suggests this was caused by changes in parents’ and pupils’ attitudes to
attendance. We find no effect from compulsory absence caused by rules that forced
students to stay home when they been in contact with others who had recorded cases of
Covid-19.

These conclusions are based on two main data sources. First, we use a Department for
Education daily survey of schools during the pandemic, to see how local policies affected
absence rates as the pandemic unfolded, between March 2020 and January 2021. We
then use pupil-level data for England to compare absence and academic progress of
students in the pre-pandemic period 2017/18-2018/19 with the pandemic period 2020/21-
2021/22. We also look for effects of the pandemic policies and school absence rates on
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children’s behavioural outcomes, using the UK Household Longitudinal Study
(UKHLS/Understanding Society) though our findings here are inconclusive.

Our work contributes to three strands of literature: on the causes of student absenteeism;
on the effects of absenteeism and lost education time on educational outcomes; and on
the impacts of the Covid-19 pandemic on educational outcomes. We provide some unique
contributions. Our paper is the first of which we are aware to look at the dynamics of
absenteeism, that is the extent to which individual absenteeism persists from one year to
the next. Secondly, we provide some of the first direct evidence that public health policies
which signalled risk and restricted social activities had unintended consequences for
students’ education, even when the policies were designed to try to mitigate the impact on
schools.

In the next section we summarise key literature in these fields. We then go on to describe
the policy context, data sources and methods, before summarising our findings.

3. Existing evidence

There is an extensive existing literature in educational research on the role student
background and other factors play in affecting absenteeism. Most of this research is
descriptive in nature, either providing qualitative evidence or partial correlations between
absenteeism and various student characteristic. Surveys and meta-analyses of this
evidence are available, see for example Sosu et al (2021) and Gubbels et al. (2019). There
are few strong conclusions from this evidence other than that absenteeism correlates with
low income and otherwise disadvantaged backgrounds, and associated factors like drug
use, family problems and low prior achievement. The reasons why these relationships
emerge remain elusive. Policy solutions have included a range of measures, both punitive
- fines and threats of prosecution — and motivational — like parent engagement and
school community groups. There is a need for more evidence about which policies work. 4

What are the consequences of school absences? There is good evidence about the
negative correlation between absences and educational attainment, but much less causal
evidence, though it has improved in recent years (Baker et al. 2022). It is difficult to
estimate a causal effect because low attendance might reflect a range of factors that also
influence low educational attainment.

There are a number of approaches that shed light on this question. Several studies use
within student, between-grade (or subject) variation in absence and performance, with
recent examples including Cattan et al. (2021a) for primary schools in Sweden and Liu et
al. (2021) for secondary schools in California. Despite the very different contexts and time
periods, they both come to similar conclusions about the effect of school absence, finding

4 Dee (2024) cites evidence on effective school-wide strategies which include providing engaging, culturally relevant instruction
and school-based supports such as free meals, health care (e.g, asthma management), and social services. He also suggests
that a promising school-wide practice is to engage and inform families about their child’s school attendance.
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that 10 days of absence reduces academic performance by between 3 and 4.5% of a
standard deviation. Gottfried (2010) uses home-school distance as an instrument for
attendance, finding that a one standard deviation increase in attendance (17 days) leads
to a 28% standard deviation increase in GPA, though home-school distance is correlated
with many student background characteristics so arguably not an ideal instrument for
mitigating biases from unobserved student confounders.

Other studies use shocks to school attendance to identify effects on achievement. These
include closure due to snow days (eg Goodman, 2014), flu outbreaks (eg Aucejo and
Romano, 2016), teacher strikes (eg Baker, 2013, Belot and Webbink, 2010, Jaume and
Willén, 2019, Johnson 2009, 2011) and riots (Montebruno, 2020). There are also studies
that investigate the effect of lost instructional time due to adjustments in the length of the
school year (Pischke, 2007), or variation in teaching hours within the week (Lavy, 2015).

For the most part, these studies do suggest a negative causal relationship between loss of
instructional time (for whatever reason) and student educational outcomes. But the
magnitude of the effect varies across contexts and can either be very large or modest
(even negligible). For example, relatively large effects are found from teacher strikes
lasting about 6 weeks in Belgium (Belot and Webbink, 2010), of about 20% of a standard
deviation. In the context of student riots in Chile, Montebruno (2020) finds that 10 days of
lost schooling costs students around 13% of a standard deviation in achievement. On the
other hand, some studies find no effects of (fairly short) school closures due to snow
(Goodman, 2014) or no effects on labour market outcomes for shortening the school year
in Germany (Pischke, 2007). A recent study for Norway (Baker et al. 2022), evaluating the
impact of a law designed to incentivise attendance in high school, found that large effects
on attendance only had a mixed impact on measures of subsequent educational
achievement.

It seems likely that the effect of school attendance depends on the duration and the
counterfactual (ie what countervailing measures are put in place), as well as what groups
of students are affected by any shock or policy change. Much work has considered what
happened to students during the Covid-19 pandemic in the UK as well as internationally
(eg see Farquharson et al. (2022) for a summary in the UK context). As the first period of
school closures (from March 2020) took everyone by surprise, there was little guidance
and resources for schools about online delivery. There was huge inequality in the extent of
school engagement. For example, among the richest fifth of parents, nearly 60% of those
sending their children to state schools reported that their child was providing online
classes, falling to 40% among the poorest fifth of parents (Andrew et al. 2020). There were
also huge differences among those sending their children to state schools and private
schools, with the latter being much better resourced (Elliot Major et al. 2020). During the
second period of closure (January-March 2021), schools’ provision of learning evened out
to some extent (Cattan et al. 2021b). Throughout the pandemic, there were also huge
socio-economic differences in access to reliable internet and home computers (Sutton
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Trust, 2021) and in home environment and resources, for example in the extent to which
parents had the time and resources to engage with their children’s learning.

There is a growing body of evidence on the effects of Covid-19 on educational
achievement in the UK and internationally. For example, see Patrinos et al. (2022) for a
recent survey of evidence, showing very large effects of the pandemic on global learning
loss, though there is large variation between countries and between socio-economic
groups within country. Another review of international evidence by Elliot Major et al. (2024)
suggests that children suffered up to 6 months of learning loss during the pandemic, with
children from low-income backgrounds experiencing an extra 2 months of learning loss. In
the UK, most studies found that the first period of school closures in England cost children
1-2 months of expected progress, with larger impacts in maths (Rose et al. 2021;
Renaissance Learning and EPI, 2021). Estimates of the effect of restrictions in 2021
suggest this cost primary school pupils around one month of expected progress
(Renaissance Learning and EPI, 2021). Milanovic et al. (2023) find that there are some
enduring effects of the pandemic on primary school attainment, particularly for younger
students and in some subject areas (literacy — grammar, punctuation and spelling or GPS).
Also, the gap between those classified as disadvantaged (eligible for the pupil premium)
and other students has increased each autumn between 2019 and 2022 for primary school
(Year 6) English and maths.

Our work is most closely related to that of Dee (2024), Jack et al (2023), Goldhaber et al
(2023) and Ross et al (2024) for the US, who look at the relationship between the incidence
of remote schooling during 2020 and subsequent student outcomes. Dee (2024) shows
that the recent state-level growth in chronic absenteeism in the US is correlated with the
share of schools that closed for in-person teaching during 2020-21, and with levels of
absence pre-pandemic. Jack et al (2023) and Goldhaber et al (2023) show that
achievement and progress was lower on average in states that switched from in-person to
remote learning; the second paper uses pupil-level data to show that students in high
poverty schools fared worse as a result. Ross et al (2024) look at the effects student
enrolment for in-person, rather than remote teaching on test scores in Connecticut schools
in 2020-21, when attendance in-person was very low. They find that students with more
days in-person perform better on within-year tests, and that students in classes where a
higher share of students attend in-person perform better, a feature they attribute to the
challenges of teaching classes where there was a hybrid of in-person and remote learning.
Our work differs from all these papers, in that we do not look at the effect of schools
providing remote rather than in-person teaching, because this was not a systematic policy
in England. We look instead at the effect of local area policies that influenced school
attendance rates, even when schools were open to everyone for in-person teaching.

4. Schools and Covid-19 policy background
The analysis that follows investigates the influence of Covid-19 policy on pupil absences
during the autumn term of 2020, and the subsequent effect on absences and achievement
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in the next academic year 2021/22. To see this period in the context, Figure 1 presents a
weekly calendar of the sequence of events in England between the start of the pandemic
in March 2020 and the period when the country was emerging from restrictions in spring

2021.

Figure 1: Weekly calendar of England’s pandemic regulations and school restrictions

March 2020

April 2020

May 2020

15 Phased re-opening

Phased recpening (sec)

20 Reopening, local lockdowns  Phased school reopening

02 Warnings QOpen 06 Easter holiday 04 Key worker children only
09 Warnings QOpen 13 Easter holiday 11 Key worker children only
16 Reduce activities QOpen 20 Key worker children only 18 Key worker children only
23 Key worker children only 7 Key worker children only 25 Key worker children only
30 Key worker children only
June 2020 July 2020 August 2020
01 Phased re-opening Phased reopening (prim) 06 Recpening, local lockdewns  Phased school recpening 03 Recpening, local lockdewns  Summer heliday
08 Phased re-opening Phased recpening 13 Recpening, local lockdowns  Phased school recpening 10 Recpening, local lockdewns  Summer heliday

17 Reopening, local lockdowns  Summer holiday

22 Phased re-opening
29 Phased re

Phased recpening

27 Reopening, local lockdowns  Summer holiday

24 Reopening, local lockdowns
31 R ing, local lockdowns

Summer holiday

Phased recpening

Summer holiday

September 2020
07 Reopening, local lockdowns  Open with restrictions
14 Local lockdowns, rule of 6 Open with restrictions
21 Local lockdowns, wih Open with restrictions
28 Local lockdowns, wfh Open with restrictions

October 2020

05 Local lockdowns, wfh
12 1st Tier regs (3 Tiers)
19 1st Tier regs (3 Tiers)
26 1st Tier regs (3 Tiers)

Open with restrictions
Open with restrictions
Open with restrictions
Half term

November 2020

‘Open with restrictions
‘Open with restrictions
Open with restrictions
‘Open with restrictions
‘Open with restrictions

December 2020
07 2nd Tier Regs (3 Tiers) Open with restrictions

January 2021

Open with restrictions

February 2021
Key worker children only

15 Re-opening step 1, stay home Half term
22 Re-opening step 1, stay home Open with restrictions
29 Re-opening step 1 Open with restrictions

19 Re-cpening step 2
26 Re-opening step 2

Open with restrictions
Open with restrictions

17 Re-opening step 3
24 Re-opening step 3

29 Re-opening step 3

14 2nd Tier Regs (3 Tiers) Open with restrictions Key worker children only Key worker children only
21 2nd Tier Regs (4 Tiers) Christmas holiday Key worker children only Key worker children only
28 2nd Tier Regs (4 Tiers) Christmas holiday Key worker children only Key worker children only
March 2021 April 2021 May 2021
01_ Key worker children only 05 Re-opening step 1 Easter holiday 03 Re-opening step 2 Open with restrictions
08 Re-opening step 1, stay home Open with restrictions 12 Re-cpening step 2 Easter heliday 10 Re-opening step 2 ‘Open with restrictions

Open with restrictions
‘Open with restrictions
‘Open with restrictions

Calendar shows general restrictions in orange and school restrictions in blue. School
holidays are approximate as these vary from school to school.

The calendar shows the events happening in schools (in blue) and in the wider policy
environment (in orange) in the weeks and months over this time period. The calendar
shows the period up to the time when most restrictions on school opening had been lifted,
though this was not the end of all restrictions generally. Restrictions were not fully lifted
until July 2021. Even then, guidance on mask wearing persisted and people were still
required to self-isolate if they tested positive for Covid-19. There was a renewed period of
anxiety in December 2021 due to the Omicron variant, which mandated mask wearing and
a Covid pass proving vaccination for entry to some venues. In February 2022, the
requirement to self-isolate ended and free testing for most people stopped in April 2022,
effectively signalling the end of the pandemic.

An important feature to note, is that schools were completely closed for around 17 weeks
in this period, to all children other than those of parents designated as “key workers”. The
definition of key workers was wide-ranging, and included health care workers, teachers
and others involved in running of crucial services. These closure periods occurred in the
first and third national lockdowns. At other times, schools were open to all pupils, although
there were various restrictions at different times on the ages that could attend and on the
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operational processes in teaching schools. As discussed above, there was very little
formalised remote learning during 2020, although practices varied widely.

We consider policy events which had the potential to generate variation in absence rates
across schools during autumn 2020, primarily the assignment of Local Authorities (LAs) to
different “Tiers” which restricted social and economic activities in the area. We also
consider the different guidance provided by LAs to schools on whether or not to follow
central government advice to re-open to most students from June for the last few weeks
of the 2019/20 academic year. Although this guidance was for the summer term of
2019/20, it may have influenced family attitudes to attendance on the return to school in
the 2020/21 academic year, so we include it in our set of predictors of absence in autumn
2020.

The autumn term of 2020 coincided with a system of “Tiers” that was introduced with
different levels of restrictions in LAs, according to government assessment of the risks of
Coronavirus transmission. There were initially three tiers: Tier 1, Moderate Risk; Tier 2,
High Risk; and Tier 3, Very High Risk. A fourth, Tier 4, Stay at Home, was introduced in mid-
December 2020 after the school term had ended. Figure 2 maps out these changes during
the autumn 2020/21 school term.
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Figure 2: Geographical distribution of lockdowns and Tier regulations in England,
September to December 2020.
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Notes: Panels 1-3, local lockdowns 15t September 2020 to 14" October; Panels 4-6 the
first Tier regulations (from the 14t October 2020 to 5" November 2020); Panel 7 second
national lockdown (from 5" November to 2"¢ December 2020); Panel 8 and 9, initial part
of the All Tiers regulations (in our sample, it spans from 2"d December to 18t December
or the last term day). We categorise local lockdowns as Tier 4 and periods without
restrictions or with Tier 1 restrictions as Tier 1.

Key: Red — Tier 4 or lockdown; Dark Orange — Tier 3; Light Orange — Tier 2; Yellow — Tier
1/no restrictions

The decision on when and where to introduce different tiers was based primarily on levels
and rate of change of local Covid-19 infections. The early autumn term of 2020 also
featured local lockdowns, which affected only a few areas, but imposed restrictions similar
to Tier 4 and the national lockdowns. In all tiers, those who could work from home were
advised to do so and people were told not to meet in groups of more than six, indoors or
out (unless within the same household). As the level of the tier increased from Moderate
(1) to Stay at Home (4), restrictions on social activity increased, banning meeting indoors,
then outdoors and then meeting people outside of the household (or a recognised ‘support
bubble’) anywhere. Leisure and hospitality services faced increasing restrictions and
finally closure as the tier rating increases. In the Very High Risk and Stay at Home Tiers,
non-essential travel outside the tier zone was forbidden. Tier regulations were introduced
both before and after the second national lockdown (November 2020) and were stricter in
the latter period (see Brown et al. 2021).

In summary, the main purpose of the tiers was to signal the level of risk and to restrict
gatherings for social and leisure reasons. Although the tier designation did not affect
schools directly — they were always open — there are good reasons to think they may have
influenced whether or not families decided to send their children to school. Firstly, there
was clear signal of the risk of infection at a time when there was great fear about the
consequences of Covid-19. Secondly, as hospitality and leisure closed, there would have
been more families working from home — especially those in low-income hospitality
occupations — which could have encouraged children to stay at home too. We show in a
companion paper, Gibbons, McNally and Montebruno (2024a), and later in this paper that
absence rates were higher in schools in higher level tiers compared to Tier 1 and that the
impact of the Tiers was greater for those from more income-disadvantaged family and
neighbourhood backgrounds. It is this influence from the Tier designations that we use to
generate systematic variation in absenteeism in the empirical analysis presented below.

5. Data Sources

5.1  School survey panel data

Information on attendance at schools during the pandemic comes from the Department
for Education’s Attendance in Education and Early Years Settings During the Coronavirus
Outbreak survey (AEEYS). This survey of attendance was carried out from the start of the
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pandemic until the end of 2021. The data records daily information on pupil and teacher
absence but the content changes over the period according to the needs of the data
collectors at the time. We focus on the basic questions on pupil absence, which are
recorded consistently throughout the data. The information on absence is not complete
for all schools, for all days.

We merge the characteristics of schools, pupils and the local area from a range of data
sources: Covid-19 cases by specimen date, NHS Test and Trace, UK Health Security
Agency, UKHSA, weekly and at MSOA level; English Indices of Deprivation, Ministry of
Housing, Community & Local Government, the release of 2019 and at LSOA Level; deaths
registered in England, Office for National Statistics, monthly and at MSOA level; Edubase
(now part of Get Information about Schools, GIAS), DfE, release of January 2020 at the
school level; the "Schools, pupils, and their characteristics" dataset, DfE, release of January
2020, school-level; the Office for National Statistics urban-rural status classification of
LSOAs. School level information is linked using the school unique reference number (URN)
and local area merged based on school location. When linking geographical data, we use
the Middle Layer or Lower Layer Super Output Area (MSOA/LSOA) in which the school is
located. We constructed alternative geographical zones based on the neighbouring
MSOAs surrounding a school location to better represent school catchment areas - the
nearest 10, 25 or 50 LSOA for example — though in practice we found this refinement
made little difference to our results.

We combine these various data sources together to create a school-level panel dataset
with daily observations, which records information on pupil absence linked to: school
characteristics (an indicator of whether school is LA maintained, proportion of pupils
eligible for free meals, proportion whose first language is not English, proportions in
various ethnic groups); local Covid-19 case and death rates at MSOA level; the local Index
of Multiple Deprivation 2019 at LSOA level; indicators of the urban-rural classification of
the LSOA (either major conurbation, other urban area, or rural town, village or isolated
setting); indicators of the Covid-19 policy status of the Local Authority in which the school
is located - ie the Local Education Authority policy on re-opening in June 2020, or the Tier
designation in the autumn term of 2020.

For parts of the analysis, we partition the study period into the following categories: (1)
Autumn 2019; (2) First national lockdown Mar-Jun 2020; (3) Phased re-opening Jun-Jul
2020; (4) First Tier Regulations Sep-Oct 2020; (5) Second Tier Regulations Oct-Dec 2020;
(6) Third national lockdown Jan-Mar 202; (7) Return to school Apr-Jul 2021.

5.2  Pupil panel data

Our second data source for the analysis is the Department for Education’s National Pupil
Database (NPD). This data contains an annual census of state school students in England,
linked to their test results in assessments that form part of the National Curriculum and
information on each pupil’s absence over the term. The data set spans all years back to

2002, but for this work we use only two years either side of the start of the pandemic:
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2017/18,2018/19, 2020/21 and 2021/22 (the latest year available at the time when the
data was made available to us). There is no data at all available for most of 2019/20, and
no test results available for 2020/21 due to the constraints during the early stages of the
pandemic and because information was censored to avoid disclosure relating to school
activities.

Part of the data set is an annual census which records information on pupils’ demographic
characteristics, such as gender, age, ethnicity, free school meal entitlement, first language
and an index of deprivation related to their home neighbourhood — the Income Deprivation
Affecting Children Index (IDACI). The IDACI score is the proportion of under-16s living in
income deprived households. The data on academic achievement records information on
tests carried out at age 6-7 in when a student is in year group 1 (year groups are like US
grades), at age 10-11 in year group 6 at the end of primary school, and at age 15-16 in year
group 11, when a student ends compulsory secondary schooling and takes exams leading
to final qualifications, mainly General Certificates of Secondary Education (GCSEs).
Students can take a range of different subjects at GCSE level. These periods in a child’s
school career are referred to as Key Stage 1, Key Stage 2 and Key Stage 4 in the National
Curriculum structure, and we use this terminology when discussing test scores. For Key
Stage 1, the information is limited to categories of achievement. We use this information
only as a control variable. At Key Stage 2, we have test scores in three curriculum subjects:
mathematics; grammar punctuation and spelling; and reading. At Key Stage 4, we use a
total points score, which is based on adding up the points a student scores in each of their
subjects. In all cases, we standardise test scores to percentiles in the student distribution
in each year.

Individual pupil absence data also comes from the NPD. Pupil absence is recorded as the
number of sessions a pupil has missed in each term of the year. A session is half a school
day. The data does not show on which days these sessions were missed, or when they
were missed within the term. There are various categories of absence shown in the data.
There is an overall figure, which in pre-pandemic years refers to absences for any reason.
For 2020/21 and 2021/22 there is an additional category defined as "code X" absences.
This category refers to cases where absence was caused by pupils being unable to attend
school because a household member or social contact had tested positive for Covid-19,
which meant the pupil was barred from going to school and is most relevant in 2020/21.
This kind of forced absence was self-evidently zero before the pandemic, declined sharply
during 2021 and stopped being relevant early in 2022 when isolation was no longer a
requirement. We refer to these as "forced” absences and to other absences as “unforced”
or voluntary (although this is not meant to imply that there were not valid personal reasons
for absence). Absence rates for each pupil are constructed by dividing the number of
sessions absent by the number of sessions available at the school in the corresponding
term, which is provided in the NPD data. Forced absence rates during the Covid-19 period
are defined by the number of sessions missed due to self-isolation rules divided by the
total sessions available. Unforced absence rates are defined by the overall absence rate
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(which excludes the forced absences during the Covid-19 period), by the sessions that are
available after deducting those enforced for reasons of self-isolation. Absence rates are
expressed as percentages throughout.

Other data merged into the NPD data includes local Covid-19 infection rates, Covid-19
death rates and unemployment claimant rates (as a measure of the impacts of the
pandemic on economic activity). These variables are all linked to a school at Middle Layer
Super Output Area (MSOA) level, based on school location. MSOAs are census units
containing an average of 7700 people.

5.3 Information on LA policies and Tier regulations during 2020

We derive data on the changing Covid-19 policy environment from publicly available online
sources. Our first focus is on the different local responses to the government’s call to re-
open schools after the first wave of the pandemic, in June and July in summer term of
2019/20. This policy was controversial and Local Authorities differed in the guidance they
provided to schools. We derived information on this guidance from LA websites (106
cases), statements on Twitter (2 cases), one case using both LA website and Twitter, or
media reports (usually local newspapers, 35 cases). We classified LAs into four groups:
those that advised schools to re-open in line with government policy; those that advised
schools not to open; those that devolved the decision to schools; and those that made no
statement. We further combine the last three groups to give an indicator of whether or not
LAs advised schools to follow government policy and re-open during June 2020, and those
that did not.

The second focus is on the Tier regulations that were in place during autumn 2020.
Information on when LAs were placed in different Tiers during the period of Tier
regulations is derived from web sources, including government documents, legislation in
Statutory Instruments, and Wikipedia. There were restrictions on social gatherings
throughout the period. Three phases of additional restrictions were put in place during this
term. In September, a small number of local areas (in the Midlands and North of England)
were periodically subject to local lockdowns, where business and social activity was highly
restricted. In October, a three-tier system was in place, with Tier 1 subject to the least
restriction on activity and Tier 3 with the strictest controls. In November, there was a
national lockdown for most of the month. In December, a four-tier system was introduced,
with a new Tier 4 that was, in effect, equivalent to a local lockdown. To simplify the
categorisation in our analysis, we refer to places subject to no restrictions for days in
September, as well as those designated as Tier 1 in October and December as being in
Tier 1.

In our daily school-level panel, places designated as under local lockdown on days in
September, and the national lockdown in November are classified as under lockdown. In
this daily data set, we can link the days and schools to each policy as and when they
occurred. In the pupil panel data analysis, the annual structure of the NPD data, means we

cannot link schools to policy changes day by day. Instead, we construct variables for the
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intensity of exposure to the different Tiers or local lockdowns during autumn 2020 from
the number of days an LA spent in each category between the start and end of the autumn
2020 term (and the number of days spent in Tier 4 after the end of term, for an additional
test described later). Pupils are assigned to all these policy categories based on the LA in
which their school is located. Time where the whole country is under lockdown is not
considered, as there is no variation across LAs and schools in terms of the intensity of
exposure to the policy (because all schools were affected at the same time).

6. Methods
Full details of our methods are described in the technical papers, Gibbons et al (20244,
2024b). We provide a brief summary below.

6.1 The effects of policies on pupil absence

There are two parts to our analysis. The first looks at the effect of England’s pandemic
policies on pupil absence in schools. The analysis makes use of both the daily school
survey data and the pupil-level data from the National Pupil Database, described above.
We provide some descriptive figures, maps and charts, illustrating the patterns of absence
from school during the pandemic period. We also investigate the associations between
characteristics of schools and the proportions of students absent during different phases
of the pandemic, using regression analyses.

We then move on to an analysis of the influence of central and local government policy
decisions on pupil absence, focussing on the period when students returned to school in
June 2020, and the period of Tier regulations from September 2020 to December 2020.
The basic framework is panel/difference-in-difference regression. Using the school day
panel dataset, we can estimate how absence rates for each school day are affected by the
policy status in the school’s LA on that particular day. The effects represent the effect of
the implementation of the policy on absence rates, compared to the periods when the
policy was not in place, conditional on all the factors described above.

The pupil-level NPD data is annual, so we cannot observe how changes in policies from
day-to-day affect pupil absence. Instead, we construct measures of exposure to the
various policies in 2020: The LA's policy on re-opening in the spring/summer of 2020, and
the number of days the schools in an LA spent within each of the Tiers during the period of
the Tier regulations in autumn 2020. Using this information, we predict, using regression
methods, the impact of the policies on a pupil’s total absence over the whole term. In
practice, rather than using the average effects of the policies across all pupils to predict
autumn 2020 absenteeism, we interact the policy variables with a pupil background
characteristic — specifically their home IDACI score. We expect the reaction to the autumn
2020 Tier regulations to have differential effects according to the socio-economic status
of a pupil and their neighbourhood, as poverty has been shown to directly relate to student
absences in previous research (Gennetian et al. 2018; Gottfried et al., 2014). The
advantages of this approach are that it generates more variation in predicted absenteeism
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than looking just at the average impact for all students. It also means we control
separately for average, baseline effects of the Covid-19 policies on absenteeism, which are
likely correlated with numerous pandemic-related confounding factors.

6.2 Estimating the influence of pandemic absence on subsequent absence and
achievement

Our analysis of the effect of autumn 2020 absence on future absences and achievement
uses the pupil-level data from the NPD. To estimate the effect of past absences on future
absences, we estimate the statistical association between the pre-to-post-pandemic
change in pupil’'s absence from autumn 2017/18 to autumn 2020/21 and the pre-to-post-
pandemic change in their absence from autumn 2018/19 to autumn 2021/22. The reason
for using these 3-year differences, is, firstly, that it allows us to abstract from pre-existing
pupil characteristics that influence their long run absence rate. We use 3-year differences
because data for 2019/20 is missing. The year groups and cohorts used for this analysis
are shown in Figure 16 in the Appendix.

A similar approach is used when looking at the effects of absence on future achievement,
though now we only have one observation of achievement at KS2 or KS4 for each student.
Therefore, the differencing of absence and achievement is effectively at school-level,
comparing two different cohorts of pupils, one taking their tests pre-pandemic and the
other post-pandemic. In this set up we estimate the statistical association between the
pre-to-post-pandemic change in absence rates from autumn 2017/18 and autumn
2020/21, and the pre-to-post-pandemic change in achievement between 2018/19 and
2021/22. Again, Figure 16 in the Appendix explains the cohort structure.

Given our interest is specifically in the Covid-19 policies of 2020 and their impact on
absence and achievement, we extend this analysis by predicting the change in
absenteeism between 2017/18 and 2020/21 from the Covid-19 policies in place in the
summer and autumn of 2020, as explained in Section 5.1.

7. Absence during different waves of the pandemic

7.1  Variation in absence over time and place

Figure 3 and Table 1 illustrate how absence varied over the study period, based on the
Department for Education’s Attendance in Education and Early Years Settings During the
Coronavirus Outbreak survey (AEEYS). The figure shows the absence rates by day over the
April 2020-July 2021 period. Table 1 summarises the mean and standard deviation of daily
absence rates by different phases of the pandemic and pandemic policy. Initially, during
the first national lockdown, absence rates are near to 100% when schools were only open
to key workers. From June 2020 to the end of the school year in July is the period of
phased re-opening of schools. As can be seen in Figure 3, absence rates decreased
gradually as more and more schools opened, for increasing numbers of year groups, after
the first wave of the pandemic. This is particularly so for primary schools due to their
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planned phased re-opening. Absence rates were still high at 78% for primary schools and
95% for secondary schools, on average. The numbers of secondary schools open for any
children other than those of key workers remained low and so did secondary pupil
attendance.

In September 2020, after the summer break, England was still in period of high infections
and social restrictions, with the “rule of 6" that prevented gatherings of more than six
people and some local lockdowns in place. Schools re-opened and absence rates were
lower than before the summer, though were high compared to the pre-pandemic period
and remained so throughout the autumn term of 2020, the period of the Tier regulations
and the second national lockdown. In autumn 2019 before the pandemic, mean absence
was 4.3% in primary schools and 7% in secondary schools, whereas it was nearly 15% for
primary schools and nearly 18% for secondary schools during the autumn term of 2020. In
January 2021, the third national lockdown was in place, and schools were again only open
to children of key workers. Consequently, absence rates were around 75% for primary
school children, and over 90% for secondary school children. The higher attendance for
primary school children presumably reflects the role of schooling in providing childcare for
younger children of key workers over this period. After March 2021, schools re-opened and
we see a big drop in absence rates, though still averaging 13% in primary schools, 21% in
secondary schools, and with the trend increasing over the spring and summer terms.
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Figure 3: Student absence during pandemic phases 2020-21
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as a percentage. Each line marks the end and the beginning of a different set of source
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Table 1: Absence rates during phases of the pandemic

Primary absence% Secondary absence%
Mean s.d. Mean s.d.
Autumn 2019 4.3 1.2 7.0 4.2
First national lockdown Mar- 96.9 2.1 99.2 0.7
Jun 2020
Phased re-opening Jun-Jul 77.6 10.8 94.9 2.4
2020
First Tier regulations Sep-Oct 14.8 10.4 17.5 12.7
2020
Second tier regulations Oct- 14.8 9.9 17.5 10.2
Dec 2020
Third national lockdown Jan- 75.1 10.1 93.9 4.5
Mar 2021
Return to school Apr-Jul 2021  12.9 9.0 21.2 10.3

Notes: average absence by school

The aim of the analysis in the rest of this section is to understand in what ways the
characteristics of schools and their geographical setting are linked to these student
absence rates. Attendance is likely affected through four channels, linked to the
preferences, expectations and constraints faced by children and their families. Firstly,
absence rates will depend directly on levels of infection and illness in the community. The
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dominant source of viral iliness in the population during the pandemic period was
obviously Covid-19. It is theoretically unclear to what extent Covid-19 would have directly
caused pupils to stay off school during our study period. Infections in children were often
asymptomatic, and testing was only available for asymptomatic cases after 2020. It is
therefore likely that many children would have attended school when infected. On the
other hand, children were likely to have stayed off school when others in their family had
Covid-19 symptoms. Secondly, absence rates are, in normal times, affected by parental
attitudes to education, norms in the social groups to which families belong, and other
personal characteristics of children and their families. Absence rates are usually higher for
children from more deprived backgrounds, such as those from high-deprivation
neighbourhoods and from poorer families eligible for free school meals (Department for
Education 2011). These factors would likely have continued to influence attendance during
the pandemic and the empirical analysis below will investigate to what extent the
pandemic shifted the relationships. An additional factor which may have come to play here
during the pandemic, is the occupations and industries in which parents were employed.
Restrictions on work and business activity will have impacted some families more than
others and shifted the constraints families faced in terms of the feasibility of sending
children to school versus keeping them at home. Thirdly, we would expect attendance to
be linked to perceptions of the risks of infection from sending children to school.
Government policy potentially had a role to play here, in terms of signalling levels of risk in
the community. Lastly, direct restrictions on school opening will have played a part. These
are discussed in more detail in the relevant sections below.

In Figure 4 and Figure 5, we map the geographical distribution of attendance by different
phases of the pandemic, separately for primary and secondary schools. Each image is
based on a two-week snapshot during each phase. There are evident disparities between
LAs (except in the first phase when attendance is universally low). For primary schools
there is some evidence of a north-south divide in terms of attendance during the 2020-21
school year, with higher rates of attendance in LAs in the south than in the north. For
secondary schools, patterns of attendance look more geographically dispersed.
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Figure 4: Primary school student absence (%) by phase of the pandemic.
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Each map corresponds to the phases of the pandemic: (1) Autumn 2019; (2) First
national lockdown Mar-Jun 2020; (3) Phased re-opening Jun-Jul 2020; (4) First tier
regulations Sep-Oct 2020; (5) Second tier regulations Oct-Dec 2020; (6) Third national
lockdown Jan-Mar 202; (7) Return to school Apr-Jul 2021
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Figure 5: Secondary school student absence (%) by phase of the pandemic.
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Each map corresponds to the phases of the pandemic: (1) Autumn 2019; (2) First
national lockdown Mar-Jun 2020; (3) Phased re-opening Jun-Jul 2020; (4) First tier
regulations Sep-Oct 2020; (5) Second tier regulations Oct-Dec 2020; (6) Third national
lockdown Jan-Mar 202; (7) Return to school Apr-Jul 2021
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7.2 School, student and area characteristics affecting absence

Using both the school survey (AEEYS) data and the pupil-level administrative data (NPD),
we looked at how the characteristics of schools, local areas and students affected
absence rates. The detailed regression results can be found in Gibbons, McNally and
Montebruno (2024a and 2024b).

Using the daily school survey data, we can look at the links between school characteristics
and school absence rates, at different periods and by local area characteristics. We
compare these relationships with those that existed in the pre-pandemic autumn term of
2019. The school-specific characteristics we investigated represent the socio-economic
background of the students — proportion entitled to free school meals, proportion whose
first language is not English, and proportion by ethnic group — plus an indicator of whether
the school is LA maintained, that is whether it is directly funded by the LA (eg community,
voluntary, foundation) or is funded directly from central government (eg academies, Free
Schools). We also looked at characteristics of the school setting, the MSOA in which the
school is located: Deprivation indexed by the 2019 index of multiple deprivation (IMD) from
the English Indices of Deprivation 2019 (MHCLG 2019) 5; indicators of the size of the urban
area; and variables measuring local area Covid-19 case and death rates.

The important findings for primary schools are summarised in Figure 6, which shows
regression coefficients and 95% confidence intervals corresponding to IMD, Free School
Meals, and whether or not a school is in an urban area. The top panel shows that higher
deprivation is associated with higher levels of absence, in all periods outside of lockdown.
The IMD variable is scaled from 0-100 (in percentiles) with 100 the most deprived. Prior to
the pandemic in autumn 2019, a 10 percentile higher IMD score was associated with an
increase in absence rates of around 0.05 percentage points. The magnitude of the
relationship rose to around 0.4 percentage points when absence rates were very high at
the end of the 2019/20 academic year and then stayed at around 0.2-0.3 percentage
points during 2020/21 and into 2021/22. Note, the mean absence rate and variability
across schools also rose, from 5.74% (s.d. 1.68%) in autumn 2019 to 12% (s.d. 14%) in
autumn 2020/21 term.

Evidently, the effects of deprivation on absence are greatly amplified during the pandemic
because absence rates were more than double the usual rate, on average, and showed
much higher variation than usual between schools. A similar pattern to that for IMD is
seen for the association between the proportion of pupils eligible for free school meals
and absence, as shown in the second panel of Figure 6. During the lockdown periods
(shown as the points corresponding to April 2020 and January 2021), this relationship
between deprivation and absence vanishes or changes direction. A likely reason is that
schools were only open for key workers, and low-income families from more deprived
areas are likely to be over-represented in this group. As shown in the bottom panel of

5 MSOAs comptise between 2,000 and 6,000 households and usually have a resident population between 5,000 and 15,000
persons. MSOAs fit within local authorities.

28



Figure 6, schools in larger urban areas generally experienced higher rates of absence than
those in rural areas during the pandemic, in contrast to what was happening prior to the
start. An exception is during the second national lockdown in 2021, where, as for IMD, the
direction of the relationship is reversed. Explanations for these differences across urban-
rural areas must remain speculative but may relate to factors such as differences in the
occupational structure, whether parents were able to work from home, and differences in
the perceptions of risk in dense versus less dense areas.

We also looked at ethnicity, but found no systematic patterns in these cross-sectional
regressions, varying in sign and significance from one period to the next. These patterns
could be driven by a range of factors, such as the occupations of different ethnic groups,
their representation in roles that were given key worker status and changing perceptions
of risk as the pandemic evolved. Unsurprisingly, higher local Covid-19 prevalence -
measured by death and case rates — are positively associated with pupil absence rates,
presumably because children in these areas would be more likely to be infected or self-
isolating and unable to attend school.

Our regressions revealed large regional disparities in some periods but no persistent
regional gaps. We also looked at the contribution of the various sub-domains of the Index
of Multiple Deprivation (barriers to housing, crime, education and skills, employment,
health, income and living environment) but found no evidence that any specific aspects of
deprivation were linked to higher absence rates over all periods of the pandemic.

Repeating the analysis for secondary schools, reveals a similar pattern to that for primary
schools with regard to the association between local area deprivation, urban location and
absence, but the magnitudes are much smaller. It appears that the relationship between
absence rates, and the background characteristics of the school and its pupils, are just
more muted in the secondary school environment. The reasons for this are not revealed by
our data but might be due to the greater independence enjoyed by older students, which
may weaken the link between their behaviour and their background context.

Similar patterns are revealed by our regressions using pupil-level data, though here the role
of ethnicity is much more apparent. Figure 7 illustrates these relationships for students in
all phases, in autumn 2018/19 and 2021/22, showing the coefficients from a regression of
pupil absence on a set of pupil and school characteristics (conditional on autumn absence
the previous year). The key features of these results are that absenteeism was 3
percentage points higher for all pupils post-pandemic (2021/22) than pre-pandemic
(2018/19). Absence is higher for low-income students (by 2.3 percentage points) and
those from deprived neighbourhoods (3.6 percentage points higher for the most deprived
compared to the least), higher for white-British students than other ethnicities (by around 2
percentage points compared to Asian and Chinese students), higher for those with English
as a first language (by 0.5 percentage points) and higher in the pandemic year 2021/22
than before (by 3 percentage points). There is an interesting pattern for the month of birth
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dummies, with younger students marginally less likely to be absent than their older peers
throughout a year. Girls have slightly higher absence rates than boys. Covid case rates in
2021 were, unsurprisingly linked to higher absence in 2021.
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Figure 6: Association between IMD, FSM, conurbation and absence in primary schools
over time
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The figure plots coefficients and 95% confidence intervals.

Figure 7: Association between pupil characteristics and absence, from pupil data
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Notes: The figure reports coefficients from regressions of absence rates on pupil
characteristics (conditional on school attended)
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8. The effect of Covid-19 policies during 2020 on absenteeism

8.1 Evidence from the school survey data

Our analysis here focusses on the Tier Regulations that were in place during autumn 2020
and we briefly discuss the LA policies on school re-opening at the end of the first national
lockdown in June 2020. Full results are available in the technical papers Gibbons, McNally
and Montebruno (2024a and 2024b). Here we present the main findings.

From the daily school survey data, we estimated how absence rates changed from day-to-
day, as the policies were implemented, and looked at differences across demographic
groups. Unsurprisingly, LA guidance on whether schools should re-open in June-July 2020
affected absence rates over this period. The main finding is illustrated in Figure 8, which
plots the distribution of absence rates and mean absence rates for two different groups
of LAs — those that advised schools to follow government policy and re-open in June
2020, and those that did not. The green and pink lines show the distribution in the
lockdown period. The red and blue lines show the distributions after the end of the
lockdown period. In primary schools, there is little baseline difference between absence
rates in these two groups of LAs during the lockdown period, which are high at over 95%.
Once schools could re-open, the LA guidance made a substantial difference. Absence
rates fell to well below 75% in the schools that were advised to re-open, but to only to just
below 80% in other schools. Absence rates were still exceptionally high, because not all
year groups returned for the whole period. In secondary schools, absence rates were at
nearly 100% during the lockdown, presumably because there was less of a key worker
childcare role for secondary schools. The influence of the guidance was much more
muted, with only a small difference between schools that were advised to open and those
that weren’t and overall absence rates remained much higher at over 95%.
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Figure 8: Distribution of absence rates, split according to LA guidance
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Turning to the Tier restrictions of autumn 2020, we analyse the baseline impact of these
restrictions and their interaction with local and school characteristics using school-by-day
panel data for the whole of the autumn term. The effects on autumn 2020 absence from
Tiers 2 and 3, and the local lockdowns, relative to Tier 1 are shown graphically in Figure 9.
The figure shows the magnitudes of the effects and their confidence intervals. The figure
shows that the Tier restrictions had an impact on absence, despite the fact that schools
were open and children were expected to attend. Moving from Tier 1 to Tier 2 or 3
increased absences in primary schools by 2-3 percentage points. Moving to Tier
4/lockdown increased absences by nearly 5.5 percentage points. The impacts in
secondary school are in the same direction, but smaller. An obvious explanation would be
that children were sicker and less likely to attend school when the Tier restrictions were
higher. However, we are controlling here for local (MSOA) case rates and death rates and
for school-specific nonlinear time trends that should largely take out smoothly time-
varying factors like Covid-19 infection rates. The implication is that something specific
about the Tier designations led to higher absences.

We also looked into the interaction of the Tiers with school and area characteristics. For
primary schools, at the lowest levels of deprivation (in the schools MSOA neighbourhood
IMD distribution), the effects of the Tiers range from around 1-1.5 percentage points in
Tiers 2 and 3 to 4 percentage points in Tier 4. At the top end of the IMD distribution, there
was an additional 3 percentage points absence in each of the Tier levels taking the impact
of the Tier 4 designation in the most deprived areas to over 7 percentage points, and the
impact of Tier 2 and 3 designations to over 4 percentage points. These patterns are driven
by the income of the school population: There is a similar picture if we look at the FSM
share in the schools instead. Schools with twice the average proportion of students
eligible for free school meals (ie with FSM = 45%) would have expected over 2 percentage
points higher absence than those with the lowest FSM proportions as they moved into
higher Tiers. The patterns for ethnicity stand out for some groups. Schools with a high
proportion of Caribbean and Chinese ethnic groups (relative to White students) seemed
particularly sensitive to the Tier designations. But the picture is diverse, and high
proportions of African and Bangladeshi students seems to be associated with lower rates
of absence in higher Tiers. Higher proportions of students whose first language was not
English are associated with higher absences rates in the higher Tiers too. An increase in
the proportion whose first language is not English from zero to twice the average (a gap of
about 40%) would mean an increase in expected absence rates of 1.8% in Tier 4/lockdown
relative to Tier 1. The urban setting also matters. Tier 2-4 restrictions in major
conurbations increased absence rates by over 4% relative to rural settings. The effect in
smaller urban areas is more modest at between 1 and 1.5 percentage points. The picture
in secondary schools is similar, though the ethnic group effects are less marked.

What can we conclude from this set of results? One clear-cut finding is that the higher Tier
designations led to higher levels of absence in both primary and secondary schools, even
though schools were open and students expected to attend. These effects from the higher
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Tier designations are stronger in more deprived areas. The role of demographic
characteristics in the school and the urban context is more nuanced and differs between
the primary and secondary phases (although the effect of socio-economic background is
consistent across both). While the empirical analysis does not allow us to isolate the
mechanisms by which the Tier designations influenced absence, a potential explanation is
that the higher level local Tier restrictions signalled higher degrees of risk from Covid-19
associated with school attendance and encouraged families to keep their children at
home. The culture of staying at home and working from home that had developed during
the early stages of the pandemic may also have led parents who were unable to work due
to the restrictions to keep their children at home.
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Figure 9: Associations between Tier designations pupil absence, September 2020-
January 2021
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Figures reports regression coefficients and 95% confidence intervals. The coefficient
represents the average effect of being in a given Tier on daily absence rates, relative to
Tier 1
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8.2 Evidence from pupil data

The crucial underlying feature of our study is the change in pupil absenteeism over the
pandemic period. These levels of absenteeism for the two periods in our data — pre-
pandemic (2017/18-2018/19) and pandemic (2020/21-2021/22) are shown in Table 2. The
figures show the percentage of sessions missed in the autumn term of each year, a
session being a half-day. Given there are around 100 possible sessions in a typical term,
the numbers can also be interpreted as the number of sessions missed per term. The first
three rows show levels of absence in the second year of each period (2018/19 or
2021/22). The second three rows refer to the levels of absence in the first year of each
period, ie the time lagged absence (2017/18 or 2020/21). In each group of three rows we
report means and standard deviations for: (1) overall absence level; (2) the absence that
was forced because of the need to self-isolate after contact with people testing positive
for Covid-19 (‘code X' absence in our data); and (3) unforced absence that was not directly
due to self-isolation or illness from Covid-19, but could be due to other illness. We exclude
absence directly due to Covid-19 illness, although these numbers are actually very small
given the children were relatively unaffected by the virus.

Table 2: Absence autumn term, pre- and post-pandemic

2018/19 2021/22

Mean s.d. Mean s.d.

3.526 5.325 9.268 11.377
Unforced absence 3.526 5.325 7.691 10.753
Forced absence (code X) 0 0 1.763 3.627
Last year's absence 3.661 5.113 13.507 15.161
Last year’s unforced absence 0 0 5.613 10.227
Last year's forced absence
(code X) 0 0 8.672 11.697
Observations 3772718 3754898

Notes: Unweighted means and standard deviations. Forced absence (code X) refers to
absence caused by self-isolation due to Covid-19 infection in a student’s household or
support group.

These figures show that overall absence was 3.5-3.7% in the autumn terms prior to the
pandemic, all of which was unforced according to our definition. In the autumn term of
2020, at the height of the pandemic and policies aimed at reducing interpersonal contact,
overall absence rose to 13.5%, 5.6% being unforced absence and 8.7% due to the
requirement to self-isolate. In the autumn term of 2021, overall absence had fallen to 9.3%,
but this was due to the drop in the numbers unable to attend school because they were
self-isolating. Average unforced absence increased to 7.7%, more than double what it was
pre-pandemic. Clearly there was a big change, and the change is due to increases in
absence for reasons unrelated to Covid-19 infection. Later, when discussing our
regression results, we present even more pronounced increases in the proportion of
children missing significant amounts of the school term.
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Full descriptive statistics for our estimation dataset are tabulated in Gibbons, McNally and
Montebruno (2024b). The most relevant figures relate to the policies that were in place in
2020 and the way these impacted on schools which are shown in Table 3 below.

Table 3: Descriptive statistics for Tier regulations (absence dataset, post-pandemic
period)

Absence

Mean s.d.
Policy variables for 2020/21
Follow government 0.277
Local lockdown (days) 7.393 13.700
Tier 1, 18t tier regs (days) 10.571 10.116
Tier 2, 1t tier regs (days) 9.019 9.197
Tier 3, 1t tier regs (days) 2.410 5.763
Tier 1, 2" tier regs (days) 0.205 1.854
Tier 2, 2" tier regs (days) 8.622 8.028
Tier 3, 2" tier regs (days) 8.173 8.022
Covid death rate to 04/21 0.183 0.098
Covid case rate 2020 100k 3.075 1.569
Covid case rate 2021 100k 8.558 1.963

Notes: Unweighted means and standard deviations. Pupil data.

Nearly 28% of schools were in LAs that did not advise their schools explicitly to follow
government advice on re-opening in summer 2020. As it turns out in our analysis, this had
little impact on subsequent absence behaviour. The numbers relating to the time schools
and their pupils spent under different levels of regulation in autumn 2020 are more
relevant. Schools spent an average of 7.4 days under local lockdown, a figure that is driven
by a small number of schools in a few LA being under lockdown for extended periods.
During the first half of the term, the period of the 15t Tier Regulations, schools spent an
average of 10.6 days in Tier 1 (least restricted), 9 days in Tier 2 and 2.4 days in Tier 3
(most restrictions). This was followed by two weeks of national lockdown, which we do
not use in our analysis as it applied equally to all schools. During the second half of the
term, schools spent on average, 0.2 of a day in Tier 1, 8.6 days in Tier 2 and 8.2 days in
Tier 3, after which schools closed for the Christmas holidays.

Evidence on the causal effects of the Tier Regulation policies on pupil absence in autumn
2020 term comes from regression analysis, as outlined in Section 5.1. We use termly pupil-
level data on absence for the cohorts in the cohorts 4-10 shown in Appendix Figure 16.
The effects of the policies on students from neighbourhoods with different levels of
deprivation are shown in Figure 10. Each group of three bars shows the effect of the
impact of one of the Tier levels (or local lockdowns), relative to Tier 1, on absenteeism.
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The different bars in each group show the effects at increasing levels of neighbourhood
deprivation (10%, 50% or 90% in the IDACI score).

There was little effect from the 15t Tier regulations or local lockdowns in the first half of
autumn 2020 term. In contrast, in the second half of the term after the one month national
lockdown, the stricter 2" Tier Regulations started to have much bigger impact on school
attendance, and these effects increased with pupil’'s background neighbourhood
deprivation. The effect of 10 days in Tier or Tier 3 for the less deprived was around 1-2
percentage points. The effect of 10 days in these tiers for students from extremely
deprived areas was around 4.5-5.5 percentage points (the bars show the effect of 1 day).
Note, the average of the deprivation score in the school population is only 0.18 (18%
deprived). The average number of days in in Tier 3 is 8 days and the average number of
days in Tier 2 is about 9 days (see Table 3). Based on these estimates, the average pupil
spending 9 days in Tier 2 and 8 days in Tier 3 in the second half of autumn term would
have had 3.1 percentage points (one and a half days) more absence over the term than
those in the relatively unrestricted areas. These are big effects, given the baseline mean
absence rate of 3.5% in the pre-pandemic period of our data. As we shall in later analysis,
the implications for chronic absence are even more severe than these average marginal
impacts seem to suggest. The 2" Tier Regulations in the second half of autumn 2020,
which followed the 2" National Lockdown in November, seem to have a uniquely
important effect on absence rates.

As a credibility check, we also tested whether the Tier 4 that was introduced after the end

of the autumn term had any impact on autumn term absence rates, which clearly it should
not. Reassuringly we find no causal link between Tier 4 and earlier autumn absences.
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Figure 10: Relationship between Tier Designation and Absenteeism
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Notes: The figure reports the implied effect of 1 day in each Tier on absence rates,
according to level of home deprivation score (IDACI). For example, 1 day in Tier 3 during
the Second Tier regulations increseased absence rates by over 0.5 percentage points for
pupils with an IDACI score of 0.9 (90% deprived). 1 day in the same Tier increased
absence rates by less than 0.2 percentage points for pupils with and IDACI score of 0.1
(10% deprived).

9. The persistence of absenteeism

9.1 Baselineresults

The main results relating to the effect of autumn 2020 absence on later absence and its
implied persistence are shown in Figure 11. This relationship is estimated on the pupils in
birth cohorts 4-10 in year groups 1-11 as defined in Figure 16.

The coefficient shown in the graph at year 1 (on the horizontal axis) is the magnitude of
the effect of one session of absence in the autumn term of a given year on the number of
sessions a pupil was absent in the autumn term one years later. A coefficient of zero in
year 1 would imply that a change in autumn absence is transitory and has no impact on
absence next year. A coefficient of one would imply that any change in autumn absence is
permanent and is still observed in the autumn next year. Intermediate values between zero
and one represent increasing levels of persistence. The points on the plot for years
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beyond 1 year after, simply show the decay in the effect of autumn absence in year 0 in the
subsequent years, by assuming that the persistence seen from year 0 to year 1 continues
in the same fashion from year to year (ie if the effect of 1 session of absence in year 0 on
year 1 is b, the effect is b? on year 2, in b® in year 3, etc.).

The plot shows two curves. The plot is derived from estimates of the statistical
association between the change in a pupil’'s absence between autumn 2017/18 and
autumn 2020/21, and the change in a pupil’'s absence between autumn 2018/19 and
autumn 2021/22. The estimation also removes the confounding effects of persistent
school-specific factors, local Covid case rates, death rates, unemployment rates and pupil
characteristics (for details see the accompanying technical papers). Looking at changes in
this way means we can abstract from pupil specific factors that influence long-run levels
of absence, to focus on how changes in absence in one period influence changes in
absence in following periods.

The baseline result is shown in the curve labelled Pupil fx. It shows that a ten-percentage
point (or 10 session) increase in absence in the autumn term leads, on average, to a
roughly 1.8 percentage points increase in absence in the autumn term the following year
(the coefficient is 0.183, with a standard error of 0.007). An effect of this magnitude would
quickly dissipate, falling to near-zero by year 3 after the initial shock to absence rates.
There are, however, good reasons to think this figure might not represent a causal
relationship. It is most likely downward biased, because randomly high shocks in one
period will tend to be followed by randomly low shocks the next (mean reversion).

The second plot labelled Pupil fx policy shows the pattern when we predict the absence
shock in autumn 2020 (year 0) from the Covid-19 policies that created variation across
schools in absence rates. These estimates are, in effect, based on average autumn 2020
absence rates for pupils in groups corresponding to their LA and their IDACI score. This
averaging, and the fact that the LA and Tier policies constitute an external shock that is
not part of the normal process governing pupil absence, will mitigate the mean reversion
problem. Here the effects are much larger (0.645, s.e. 0.067) and hence take longer to
dissipate. A 10% increase in absence induced by the local 2020 pandemic policies
persisted as a 6.5% increase in absence in 2021. Extrapolating this to future years outside
those in our dataset implies that the impact of the 2020 policy shock would take 7 years to
erode to 5% of its initial value (because 0.65’ = 0.049).
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Figure 11: Implied decay of the effects of Tier regulations-induced absence over time.
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9.2 Differences across student groups

So far, we have looked at the persistence of absence on average across the whole student
population. In In Figure 12, we break this down by different student groups, along
dimensions related to income, geography, phase of schooling. In the full results in the
technical papers, we looked at differences across a wider range of outcomes, but in many
cases, there is little difference across groups.
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Figure 12: Implied decay of the effects of Tier regulations-induced absence over time,
split by school, pupil and area characteristics.
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There are differences between pupils with low-income families (FSM) versus others (not
FSM), large metropolitan areas (conurbations), smaller urban areas and rural areas, and
between primary and secondary school pupils. These results are shown in Figure 12. The
effects are twice as big for secondary school children than for primary school children.
The coefficient for primary school pupils implies that the impact of the pandemic policies
on absence would have diminished very quickly over the years, falling to less than 2% of
the initial change within 3 years. Based on these results we would not expect absence
during the pandemic to have had long-lasting effects on absence of primary school pupils.
By contrast, the effects are very persistent throughout secondary school. The effects for
FSM pupils are also double those for non-FSM pupils. Pupils in large metropolitan areas
were affected less than those in other areas, in terms of the impact of autumn 2020 on
subsequent years.

9.3 Chronic absence

Much of the focus of policy discussion on post-pandemic absence has been the rise in
chronic absenteeism, meaning very high levels of absence for some pupils. We turn to this
issue in Table 4 below. Here the outcome is that a pupil’'s absence rate exceeds a certain
threshold — either 10%, 20% or 40% in columns 1, 2 and 3 respectively. The first row of the
table reports the effect of last year's absence rates, which should be interpreted as the
effect of a one percentage point change in autumn absence on the probability of being
absent for more than 10%, 20% or 40% the following autumn term.

The table also shows the means of the dependent variable, ie the proportions of pupils
absent for more than 10%, 20% or 40% of sessions, in the 2019 (pre-pandemic) and 2021
(post-pandemic) periods. These figures are striking, and show that, indeed chronic
absence rose sharply. The proportion absent for more than 10% of sessions over the term
(ie one day every two weeks, or a week every term) more than quadrupled. The proportion
missing 20% of sessions is seven times higher than before the pandemic. The proportion
missing 40% (two days a week, or 4 weeks per term) is 10 times higher.

The coefficients in the first row suggest that absence during autumn 2020 was a
significant factor here. Recall, from Section 8.1, that the baseline increase in absence rates
in autumn 2020 in response to the average number of days in Tier 2 or Tier 3 of the 2" Tier
Regulations was 2.9 percentage points (compared to the less regulated Tier 1 areas). This
average change in autumn 2020 absence implies a 4.6-percentage point increase (2.9 x
0.016) in the proportion of pupils absent for more than 10% of the following autumn term,
a 7.5-percentage point increase (2.9 x 0.026) in the proportion absent more than 20% of
the time, and a 2.3-percentage point increase (2.9 x 0.008) in the proportion of pupils
absent 40% of the time. In short, the knock-on effects of absence in autumn 2020 explain
all (or nearly all) of the increase in over-20% and over-40% absence rates, and a substantial
proportion of the increase in over-10% absence rates (the mean changes were 22,9 and 2
percentage points respectively, from the second and third rows of Table 4).
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Table 4: Effect of pandemic absence on chronic absence

Autumn absence More than 10%

More than 20%

More than 40%

missed missed missed
Effect of autumn absence
last year 0.016*** 0.026*** 0.008%***
(0.002) (0.003) (0.001)
Mean pre-pandemic 0.080 0.014 0.002
Mean post-pandemic 0.341 0.103 0.023
Observations 7509702 7509702 7509702

Notes: Table reports regression coefficients, standard errors and summary statistics.

9.4 Forced versus unforced absence

A crucial issue to remember is that schools were open during the autumn 2020 period, and
much of the absence observed this term was not enforced by schools or by government.
As we saw in the descriptive statistics, the absence rates categorised as compulsory —
because pupils were self-isolating, were 8.7% and absence rates for other reasons which
were not directly Covid related were 5.6%. An important question then is to what extent the
effects of autumn 2020 absence were due to forced absence or due to more "voluntary”,
unforced types of absence. The answer to this question is shown in Figure 13 which
shows the persistence of enforced absences due to self-isolation (code X absences)
compared to that due to other unforced absence. From the plots it is clear that only the
unforced absences during autumn 2020 led to persistent absence in future year. The
forced absences reduced absence in the following year by a small amount, and the effect
dissipated quickly. Forced absence in autumn 2020 either encouraged pupil attendance in
future terms — possibly to compensate for lost time — or made little difference. Although
we cannot observe the exact reason pupils stayed off school when they didn’t need to, it
seems likely that it relates to concerns about safety or for other socio-psychological
factors linked to the pandemic (and illnesses, though we are excluding Covid-19 cases).
The take-away from this part of the analysis is that it was likely a shift in family attitudes to
attendance during the autumn term of 2020, induced by the local public health policies,
social and work restrictions of the time, that has persisted post-pandemic. Being
prohibited from attending school seems to have had little lasting impact.
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Figure 13: Implied decay of the effects of Tier regulations-induced absence over time,
split by whether absence was forced or unforced
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10. Impact of absence on achievement

10.1 Baseline results for Key Stage 2

We now turn to the analysis of the effects of absence and lost schooling time on
subsequent achievement. We report the main results graphically. The full regression
results are shown in the technical report Gibbons et al 2024b). Figure 14 shows regression
coefficients (and 95% confidence intervals), which represent the estimated effect of a 1 -
percentage point increase in absence on Key Stage 2 tests in maths; GPS; and reading.
The test score outcomes are re-scaled to percentiles in the pupil distribution, so 100
corresponds to the top-ranking 1% of pupils and 1 the bottom ranking 1%. The estimation
is based on the statistical association between the change in absence rates between
autumn 2017 and autumn 2020 (when the pupils were in Year 5), and the change in test
scores between summer 2019 and 2022 (when the pupils were in Year 6). The underlying
data are the two cohorts of pupils taking their KS2 tests in summer 2019 and 2022, the
age-cohorts labelled 5 and 8 in Appendix Figure 16.

Figure 14: Estimates of the effect of absence on KS2 achievement
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Effects of 1% absence on KS2 percentiles
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The first three points show the basic associations (controlling for pupil, school and
neighbourhood characteristics). Here, we are comparing pupils in the same school who
have the same home IDACI score, but different levels of absence. The second three points
are what we see when we predict autumn 2020 absence from the Coronavirus related
policies during 2020, interacted with pupils’ IDACI scores. In this case, pupils in the same
school, with the same IDACI score get the same level of predicted absence in autumn
2020 (because they were exposed to the same LA level policies). Therefore, the estimates
compare pupils with a given IDACI score, in a given school in the pandemic cohort, with
other pupils with the same IDACI score, in the same school but in the pre-pandemic cohort.
All the effects in Figure 14 are negative, so it is immediately clear that lost time in school is
associated with lower educational achievement, which should come as no surprise. The
magnitude of these coefficients shows the average effect of a percentage point increase
in autumn absence in school year group 5 on a pupil’s achievement in KS2 tests in year
group 6 (recall, we do not have 2021 test scores, so are unable to look at the impact of
2020/2021 absence within the same year as the tests are taken).

The first three coefficients indicate that 1 percentage point of absence (roughly half a day
over a term) reduces a pupil's maths scores by 0.18 percentiles, GPS scores by 0.12
percentiles and reading scores by 0.06 percentiles. The implied effects from the effect of
the Covid-19 policies on achievement are much larger. These numbers mean that a 1-
percentage point increase in absence reduces achievement by over 1 percentile in maths
and GPS and 0.3 percentiles in reading the following year. As we saw above, the average
increase in autumn 2020 absence associated with 9 days in Tier 2 and 8 days in Tier 3 was
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1.45 percentage points. So, these Tier regulations came at an average cost of around 1.45
percentiles of achievement in maths and GPS, and 0.4 percentiles in reading. The smaller
impact on reading might be due to pupils reading more when not at school, but we have no
data here to verify that hypothesis.

The discussion above assumes that the pandemic policies affected pupil absence and this
in turn affected subsequent achievement. A reasonable question about these findings is
whether they really represent the effects of absence, or whether there are other direct
effects from the pandemic policies which affected subsequent achievement. Examples of
these alternative channels are the potential impact of the policies on children’s mental
health, or family financial resources, which could influence future achievement without
affecting attendance at school. We investigate this question further in Section 10 where
we report our investigations into children’s psychological and behavioural issues. Data
limitations mean the conclusions from that work are limited, but we found no evidence
that the variation in Covid policies across LAs led to any systematic differences in other
observable behavioural outcomes. In any case, the results Figure 14 imply that the
pandemic policies affected future achievement.

One way to think about the effects of the policies on achievement is to multiply the effects
of the policies on absence by the effects of the absence on achievement. For example, the
implied effect of 1 day in Tier 3 of the 2" Tier regulations on maths scores for the least
deprived children would be -1.120 x 0.048 =-0.054, whereas the implied effect on the most
deprived would be -1.120 x (0.048 + 0.392) = -0.492 percentiles. A more direct way to
estimate this is to regress the test scores directly on the variables representing the
pandemic policies. Results from this approach are shown in Figure 15. The bars show the
effect of 1 day in each of the policy conditions on maths scores, for children with different
levels of neighbourhood income deprivation — IDACI home scores of 0.2, 0.5, or 0.9
(meaning 20%, 50% or 90% experiencing income deprivation). This shows that the effects
of the Tiers on achievement were felt by the most deprived pupils. The least deprived were
not affected, but those in areas with 50% deprived experienced average test score losses
of around 0.25-0.35 percentiles from an additional day under the Tier 2 or Tier 3 in the
second half of the autumn term. The figures for GPS scores are similar, while reading
scores were less affected (for these results see Gibbons et al 2024b).

Figure 15: Effects of Tiers on Key Stage 2 maths test scores
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Effect of days in Tiers on KS2 percentiles for different levels of IDACI
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Notes: The figure reports the implied effect of 1 day in each Tier on Key Stage 2 maths
scores according to level of home deprivation score (IDACI). For example, 1 day in Tier 3
during the Second Tier regulations decreased achievement rates by nearly 0.25
percentage points for pupils with an IDACI score of 0.9 (90% deprived). 1 day in the
same Tier had almost no effect on achievement of pupils with and IDACI score of 0.1
(10% deprived).

10.2 Differences across student groups

We also looked at whether absence has a bigger effect on achievement for some groups
than others. For maths and GPS scores, the most striking difference is between students
from disadvantaged backgrounds and other students, measured either by their home
IDACI score or whether or not they are entitled to free school meals. Surprisingly, the
effects are larger for the least deprived - ie a day of absence reduces test scores of the
less disadvantaged students by more than those of the more disadvantaged students -
though these differences are not always statistically significant. This is against a
background of higher levels of absence, greater sensitivity of absence to the pandemic
policies, lower levels and lower variability in attainment among students from more
disadvantaged backgrounds. It is possible that the lower coefficients for the more
disadvantaged students indicate that absence has a smaller impact on scores at the lower
end of the KS2 score distribution, than it does at the top. The differences between other
groups are less marked.
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The picture for reading scores is quite different. We find no effect of absence on reading
for students from the less deprived neighbourhoods, but a strong effect for those from the
most deprived, though no difference between FSM-eligible children and others. Boys'
reading scores are affected by absence, but girls are not. These differences are plausibly
due to different reading habits outside of school. It is well-documented, for instance, that
boys read less in their leisure time than girls do (eg See OECD, 2015).

10.2.7 Forced versus unforced absence

We also investigated whether forced or unforced absences had a bigger effect on
achievement. As we found when looking at persistence of absence, forced absence due to
self-isolation has a much smaller association with achievement than does absence that is
of a more voluntary nature: missing 1% of the term due to self-isolation reduced test
scores at KS2 by 0.03-0.04 percentiles, whereas unforced absence is associated with a
0.1-0.21 percentile drop in attainment. Predicting autumn 2020 absence from the Covid-19
policies suggests very big impacts on achievement from unforced absence in 2020. The
numbers imply that an absence rate of 1% reduces reading scores by 1.8 percentiles,
maths scores by 5.5 percentiles and GPS scores by 6.2 percentiles. These numbers seem
implausibly large for the general effects of absence; but they may not be so implausible in
this specific context, given we found that the average number of days in Tier 2 and 3 in
later autumn 2020 increased absence in autumn 2020 by only 1.45%, implying that on
average, Tier 2 and 3 reduced KS2 achievement by up to 9 percentiles (in GPS).

10.3 Impact of absence on Key Stage 4

Key Stage 4 (GCSE) performance during the pandemic is difficult to measure on a
comparable basis with previous years, because grades were adjusted in 2019/20, 2020/21
and 2021/22 to compensate for the challenges students faced over the pandemic, so as to
not compromise future education and career paths. Official statistics show that the
average ‘attainment 8’ score (the average of the score on a student’s best performing
subjects) increased from around 46.5 in the three years preceding the pandemic to over 50
points in 2019/20-2020/21 and 48.8 points in 2021/22. Consequently, KS4 test scores are
unlikely to provide a reliable indicator of the effects of the pandemic on achievement.
Nevertheless, for completeness, we looked at the effects of absence and the Covid-19
policies on achievement. As for Key Stage 2, we find a negative association between
absence and achievement, but this vanishes once we predict absence from the policy
variables. The indication here is that there is no detectable causal effect of absence on
KS4 achievement, though given that KS4 scores were adjusted to compensate for
pandemic-related disadvantages, it is difficult to draw strong conclusions from this
finding. Work on KS4 will require data from 2022/23 onwards, when there was a return to
pre-pandemic grading standards.
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11. Work on other outcomes in the UKHLS (Understanding Society)

We have used ‘Understanding Society’ to investigate whether Tier restrictions had an
impact on aspects of wellbeing of children and young people, with a focus on the
Strengths and Difficulties Questionnaire (SDQ). This has five major components:
emotional symptoms, conduct problems, peer relationship problems,
hyperactivity/inattention and pro-social behaviour. In principle, spending more days under
tougher restrictions could increase the negative components and reduce the positive
components of the index. We use the variables derived from component questions and
also considered the 24 individual questions that made up these scales.

We were able to observe these questions before and after (and during) the pandemic in
the child files (aged 3-15; questions answered by parents) and the youth files (age 10-15;
questions answered by the young person) — from 2018/19 to 2022. In both cases, our
efforts have been hampered by many missing observations on SDQ questions; we have
around 4k individuals in each case with non-missing information on the SDQ. But at least
40% of individuals are only observed once — meaning we cannot reliably look at changes,
within-person, over time. If we use less rigorous regression specifications, relying on
differences between children exposed to different policy conditions, our findings are very
sensitive to the details of estimation and switch sign (between the youth and child file) in a
way that is difficult to interpret. A possible problem here is that the child questions were
answered by the parent, so may say more about the parent’s relationship with the child,
than the child's emotions and behaviour.

In short, we conclude that the Understanding Society surveys are not large enough to
analyse the effect of Tier restrictions in the way we can using the administrative data on
test scores and absences. Although we find no systematic effect of the Covid-19 policies
on the metrics of emotional and behavioural available in these data, it is hard to draw any
firm conclusions.

12. Discussion and conclusions

Variation in policy restrictions during the pandemic had large unintended consequences
for student absence at the time and in subsequent years. This happened despite the fact
schools were ostensibly open, and we show that effects are not driven by students
needing to self-isolate. This illustrates that the effect of the pandemic on subsequent
absences and learning loss is not only attributable to compulsory school closures. Also, it
does not appear that the disruptive effects of having to self-isolate (whenever another
student became ill) had a lasting effect on future absences or achievement. It is
behavioural changes in unforced absenteeism, presumably related to child and family
attitudes to attendance, that are important. Our analysis is unable to reveal the precise
behavioural channels through which the local restrictions affected absence. The influence
of time spent in Tier 2 and Tier 3 relative to Tier 1 points to restrictions on social
interactions playing a major role, since it was in this respect that the high-risk Tiers were
more constraining.
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We find that local pandemic policies had heterogenous effects on absences across
groups of students, being particularly large for disadvantaged students. This also feeds
through into persistent absence (1 year later). This is one mechanism for the widening
socio-economic gap in educational achievement during and after the pandemic. It also
illustrates that more restrictive policies negatively affected those already facing hardships
due to socio-economic deprivation. This shows that those needing most assistance to
recover from the effects of Covid-19 are those from under-privileged backgrounds.

Even though absences are more prevalent in secondary school than in primary school, the
effect of variation in policy restrictions comes out more strongly in subsequent primary
school attainment (at age 11). This may be because of measurement problems in GCSEs,
or it may be because variation in policy restrictions really did have a more severe impact
on younger pupils. The strong effects observed for pupils in primary school suggests that
the educational effects of Covid-19 will persist in the absence of effective policies to
counter the effect of pandemic-induced learning loss.

A more general lesson that emerges from this work is that factors influencing
absenteeism in one year have effects that carry over into following years. While this
means that the adverse impact of the pandemic policies on absenteeism could be long
lasting, it also means that policies that are enacted to reduce absenteeism should also
have long-lasting effects. In future work we aim to extend the analysis of this dynamic
aspect of absenteeism, to look at the longer run effects.

This paper illustrates the unintended spillover effects from government restrictions during
the pandemic. This is in addition to any direct effects of the pandemic (and pandemic
response) and school closures in the national lockdowns in the first half of 2020 and 2021.
As noted above, the UK is not alone in this situation and related work has been undertaken
for the US (eg Dee, 2024). The focus should now be on trying to reduce school absences
and Dee (2024) cites work aiming at preventative school-wide efforts and more intensive
and targeted initiatives that identify and support chronically absent students. This includes
practical school-based supports and efforts to engage and inform families about their
child’'s school attendance. Of course, all of this is much more difficult to achieve in the UK,
at time when school budgets continue to be squeezed. On the bright side, our evidence on
the persistence of policy-induced increases in unforced absence rates suggests that
policy-induced improvements in attitudes to attendance could be reasonably persistent
too, at least for secondary school pupils.
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14. Appendix

Figure 16: Cohorts in our dataset

Cohort4 Cohort5 Cohort6 Cohort7 Cohort8 Cohort9 Cohort 10 Cohort 11 Cohort 12 Cohort 13
Year Term Yeargroup Yeargroup Yeargroup Yeargroup Yeargroup Yeargroup Yeargroup Yeargroup Yeargroup Yeargroup Pandemic Data
2017718 Auturmn 1 2 3 4 5 & 7 8 9 10 Pre KS and ab
2017/18 Spring 1 2 3 4 5 6 7 ] 9 10 Pre KSand ab
2017/18 Surmmer 1 2 3 4 5 & 7 8 9 10 Pre KS and ab
2018/19 Autumn 2 3 4 5 6 7 8 9 10 11 Pre KSand ab
2018/19 Spring 2 3 4 5 6 7 a 9 10 11 Pre KSand ab
2018/19 Summer 2 3 4 5 6 7 8 9 10 11 Pre KSand ab
No data
No data
No data
2020/21 ALtUmIA 4 g B 7 8 10 1 Pos Mo KS dat
2020/21 Spring 4 E 6 7 8 10 1 Paos Mo KS dat
2020/21 SUFnmer 4 g B 7 8 10 1 Pos Mo KS dat
2021/22 Autumn 5 [} 7 8 9 10 11 Past KSand ab
2021/22 Spring 5 B 7 B 9 10 11 Post KS and ab
2021/22 Summer 5 [} 7 8 9 10 11 Past KSand ab
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