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Summary 

• Restrictions on mobility imposed by the lockdown from March to May 2020 had an impact on
the level and composition of crime. In England and Wales, crime was lower in all categories
during lockdown, except for anti-social behaviour (35% above the mean) and drug offences
(17% above the mean). Anti-social behaviour remains high post-lockdown (from June to
September 2020) although drug offences are not statistically above the mean.

• Covid-19 and the associated lockdowns increase the incentives to commit crime by decreasing
returns to legal activities. Offsetting this is the fact that fewer people leave the house, making
committing some crimes – such as robbery - more difficult. Lockdown has also made policing
easier, which explains a higher number of arrests in drug-related crimes.

• The global Covid-19 pandemic has had a strong negative effect on the returns to legal activities.
The claimant count rose by 116% between March and September 2020 and more than 8.4
million jobs have been furloughed across the country since lockdown began.

• The wide disparities in labour market outcomes highlight important spatial differences in the
economic impact of the pandemic. These differences are associated with differing changes in
crime rates.

• Areas with a higher increase in claimants during lockdown now have more anti-social
behaviour crimes, 25% over the mean compared to the national 16%. Areas which entered the
pandemic with above-median claimant rates have higher violent crime rates (30% over the
mean).

• The most vulnerable areas – those parts of the country with a high number of claimants pre-
pandemic and with above-median increases in claimants since March - experienced higher anti-
social behaviour, bicycle thefts and increased drug offences after the first lockdown. While
across the country social distancing measures have been reflected in a decrease in various other
acquisitive crimes, this decrease is smaller in these areas.

• These vulnerable areas are characterised by lower levels of educational attainment, a
proportionately higher Black and Asian population, a higher proportion of lone parents and
worse health. The economic and crime effects of Covid are hitting the most vulnerable areas
hard.

mailto:cep.info@lse.ac.uk
http://cep.lse.ac.uk/


1 Introduction 
 
The Covid-19 pandemic has had dramatic effects on economic activity generally, and 
employment levels specifically, as businesses were forced to temporarily shut or reduce their 
operations. Different economies chose different policy responses, with the UK offering a 
furlough scheme that transferred most but not all the cost of (un)employment to the state. 
Where this was not possible, people applied for unemployment benefits. In this paper we use 
the claimant count (which includes the number of claimants for Job-Seekers Allowance -JSA- 
and Universal Credit) as a proxy for economic performance in each Lower layer super output 
area (LSOA) of England and Wales. As depicted in Figure 1 below, the number of claimants 
has seen a drastic increase. In fact, it rose by 116% since the beginning of the pandemic 
achieving more than 2.4 million claimants as of September 2020. Furthermore, more than 8.4 
million jobs have been furloughed across the country since lockdown began. Prior to August 
both variables (furloughed jobs and unemployment claimants) were on an increasing trend. The 
August figures show a decline in furloughed jobs and a slight decrease in the number of 
claimants. However, this could be due to temporary jobs that operated during the summer 
season.  

Figure 1: Monthly claimant count in England & Wales, Jan 2017 - Sep 2020 

Source: Authors’ analysis of claimant count figures from the Office for National Statistics  
 

The mobility restrictions from lockdown have brought an important change in all social 
interaction, and changed incentives towards crime, as well as policing response. In this paper 
we exploit variation in economic performance indicators in small areas and look at the 
correlation between these labour market outcomes and crime levels. The lack of granularity in 
crime types in the publicly available data prevents us from digging deeper into the sub-



categories of crime. We will discuss broad crime categories, for instance violence and sex 
offences as a whole. However, it is important to note that previous research has documented a 
change in the nature of violent crimes reported too (with a higher proportion of violent crimes 
being domestic, and the nature of abusers being different), see (Ivandic et al., 2020).  

Understanding the spatial distribution of crimes and their correlation to economic outcomes is 
particularly important as we are now entering a period of renewed lockdowns around the world. 
To provide more background on the mechanism of the economic impact on crime, the social 
restrictions imposed meant that certain sectors were hit harder than others, and at times for 
longer. With it that meant that certain regions were also hit harder than others, given the spatial 
economic specialisation across the country. Just for completeness it is fair to speculate that 
especially those areas that had to carry the largest economic costs are likely to be also those 
that will be exposed to lasting poverty, and higher inequality.  

We study crime trends during the first full lockdown in 2020 (from mid-March to end of May), 
and how those trends evolved after lockdown was lifted (from June to September, the latest 
publicly available data at the time of writing). Our findings highlight important differences 
across the country. During lockdown and as social interaction was severely restricted, crime in 
all categories decreased, except for anti-social behaviour, and drug offences. The first category 
increased vastly, as it includes offences related to breaching social distancing measures. The 
second is related to the increase in arrests, as the lack of people moving around made it much 
easier for police to track down dealers (Langton, 2020). The time series for various crime 
categories (for LSOAs for which we have non-missing data up to September 2020) is in Figure 
A1 in the Appendix.  

After the lockdown was lifted, crime levels remained generally lower (relative to previous June 
and July averages, and area characteristics) for most crime categories. The notable exception 
is anti-social behaviour, which has increased across the country. Beyond the levels in crime, 
there are important changes in the composition of total crimes. Figure 2 below shows the 
proportion of crimes in each crime category for the periods June to September in 2019, and 
2020 across all LSOAs in England and Wales. This year the proportion of acquisitive crimes 
is much lower. The lack of people in the streets makes some crimes virtually impossible to 
commit (ie robberies), while the higher presence of people in their houses makes the probability 
of being caught committing a burglary much higher etc.). On the other hand, the proportion of 
anti-social behaviour crimes is much higher, and there is a slight increase in the proportion of 
public order offences, as well as violence and sex offences. However, there are important 
spatial differences on the changes in levels and in the composition of crime, which interestingly 
correlate with the economic impact of the pandemic. 

  



 
Figure 2 – Proportion of crimes in each category across England and Wales, for June-

September 2019 and 2020 respectively 

 
Source: Authors’ analysis of Police UK data 

 
In areas with traditionally higher levels of unemployment (above the median) the Covid-19 
induced economic shock led to higher crime rates in several categories, including violent 
crimes. This is controlling for each area´s own characteristics. Average violence levels are now 
higher in those areas than they were pre-pandemic. In addition, those areas that saw a higher 
increase (change) in unemployment during lockdown now have more crime in the anti-social 
behaviour, and drug offences. Areas most vulnerable to the shock (high levels of 
unemployment to start with, and which experienced a high increase) show higher anti-social 
behaviour, more bicycle thefts, more drug offences. Furthermore, while across the country we 
see less burglary and shoplifting crimes, in this group the decrease was not as large. This is 
controlling for area and time characteristics. 

Our analysis shows that variation in the economic impact of the pandemic correlates strongly 
with socio-economic predictors. Areas with lower educational attainment (on average) 
experienced a higher increase in claimants during lockdown. Most of the areas in which the 
largest increase in claimants took place had traditionally lower levels of claimants (in a sense, 
the economic shock is an equaliser).  

This paper is structured as follows. Section 2 presents the data, which comes entirely from 
public sources. Section 3 explains how crime has evolved in England and Wales during and 
since lockdown and shows the relationship between the economic shock and crime. In Section 
4 we document the regional disparities in economic performance, and show which socio-
economic predictors explain this variation. Section 5 concludes. 

  



2 Data 
 
Our empirical analysis is based on publicly available data. The claimant count and yearly 
population estimates come from the Office of National Statistics (ONS), covering the time 
period from January 2017 to September 2020 for 34,753 Lower layer super output areas 
(LSOA) in England and Wales. The claimant count includes the stock of Universal Credit and 
Job Seekers Allowance claimants per month. We match this to monthly crime data from all 
forces in the UK from Police UK from January 2011 to September 2020 for 34,750 LSOAs 
with available crime figures that defines our sample.1 Summary statistics are depicted in Table 
A1 in the Appendix. 

We create a monthly database on LSOA level where we include socio-economic variables from 
the 2011 census. Data on furloughed jobs comes from HM Revenue & Customs (HMRC) and 
is available monthly on local authority level (larger areas than LSOA) until August 2020 at the 
time of writing. We create a second dataset on local authority level by collapsing our LSOA 
level and matching it to the furlough data which is only available on local authority level. There 
are 326 local authorities in our dataset for which data on furlough is available. 

3 Crime during and after the first lockdown 
  

To provide some theoretical framework, in a standard “Becker” model the rational choice 
between engaging in illegal activities - or not - depends on the returns to crime, the probability 
of being caught, the severity of punishment, and the returns of the legal outside option (Becker, 
1968, Ehrlich, 1973). Therefore, an individual’s decision on whether to engage in criminal 
activities or not depends both on the returns to criminal and legal activities and the probability 
of being caught. A thorough review on the relationship between labour outcomes and crime, as 
well as empirical research on the matter is available in Draca and Machin (2015). In the context 
of Covid, the economic shock has affected at least two factors in the decision of engaging in 
crime or not: the return to legal activities (which would increase crime in areas with more 
deprivation), and presumably the probability of being caught (as fewer people are in the street 
and policing is easier) - which should deter crime. This, in turn, means that there are changes 
in both the “supply” and the “demand” for crime, which have led to a new “equilibrium”. The 
fact that we see new average levels of crime within LSOAs that correlate with the economic 
shock induced by Covid supports this conjecture. 

We explore how crime evolved during and after the lockdown, depending on the economic 
impact of the pandemic (job loss). We look particularly for a differential trend that depends on 
unemployment indicators. We cannot establish this link as causal as the Covid shock has not 
only affected employment, but probably also caused some structural changes in the “demand” 
for police; or in other words the exclusion restriction necessary to establish that Covid has only 
affected crime through its impact in unemployment does not hold. However, we expect a 
positive correlation between more job destruction and higher levels of crime. The fact that 
crime trends may be evolving differently can be informative of the underlying divide that is 

 
1 Some forces have not declared recent crime figures. Greater Manchester Police has not submitted crime data to Police 

UK since July 2019 and Staffordshire has not reported since June 2020. All available data is included in the regressions. 



occurring in the country and that can be perceived in other indicators (growing inequality). 

We divide the country into four groups along the lines of above (high) and below (low) median 
claimant levels before the pandemic, and above and below change in claimants over the course 
of the (first) lockdown. The first group comprises of areas of high and low claimant levels. We 
use the median level across LSOAs and over the period January 2017 - January 2020. This is 
to identify areas with traditionally higher employment opportunities (claimants over population 
below the median). We then consider the increase in claimants between March and September 
2020 and again break the sample between areas with increase in claimants above and below 
the median. This is to consider which areas have suffered a stronger economic hit during the 
pandemic. The graph in Figure 3 shows the proportion of LSOAs that belong to each category. 
For instance, the category High-High had originally high level of claimants and experienced a 
high change. The category High-Low had an originally higher level of claimants count but 
suffered relatively less during the pandemic, and so on for the remaining categories. Figures 
A2 and A3 in the Appendix shows a map of England and Wales, and a map of London, 
respectively, showing LSOAs by category. 

 
Figure 3: High and low claimant areas, and increase in claimants March-Sept 2020 

 

 
Source: Authors’ analysis of claimant count figures from the ONS 

 
Purely descriptively, Table A2 in the Appendix shows mean crime rates, for various crimes in 
the months of June to September for the years 2019 and for 2020 for each sub-group. This 
allows us to preliminary assess some differences across groups, as well as common 
characteristics. During the months post-lockdown, compared to the same period in 2019, there 
is an increase in anti-social behaviour, drug offences, public order, and violence and sex crime 
rates across the country. Another common characteristic is the decrease in most acquisitive 



crimes relative to last year’s rates. Figures denoting the composition of crime in each group are 
available in the Appendix in Figure A4. 

To provide an example of the interpretation of Table A2, in the control group (areas with 
below-median claimants, and a below-median increase in claimants during the pandemic) anti-
social behaviour increased by 22%, drug offences by 28%, public order offences by 22%, and 
violent offences by 6%. In contrast, the statistics show a decrease in all other crime categories. 

In order to understand whether these changes are robust when considering monthly trends, as 
well as unobserved heterogeneity across LSOAs we estimate the equation below. Our objective 
is to take into account seasonality in crimes as well as unobserved differences that may explain 
higher crime rates spatially. By including not only 2019 but also all available previous years in 
the analysis we are able to look at changes relative to the mean with more information across 
time, as well as allow each LSOA to have its own intercept. 

In the regression below 𝐶𝐶 is the crimes per 1000 people in a particular LSOA 𝑖𝑖, in month 𝑚𝑚 
and year 𝑦𝑦. 𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿 is a dummy variable for the months from March to May 2020, and 𝑃𝑃𝐿𝐿𝑃𝑃𝑃𝑃 
indicates the period post-lockdown, which at the time of writing includes crime data from June 
to September 2020. 𝐻𝐻𝑖𝑖𝐻𝐻ℎ 𝑈𝑈𝐿𝐿 is a dummy variable which is equal to one if a particular LSOA 
is above the median level of average claimants between 2017 and January 2020. 𝐻𝐻𝑖𝑖𝐻𝐻ℎ 𝐼𝐼𝐿𝐿 is a 
dummy variable that is equal to one if the claimant increase since lockdown started (between 
March and September 2020) is above median across the country. We include month 𝜂𝜂𝑚𝑚, year 
𝜌𝜌𝑦𝑦 , and LSOA 𝜏𝜏𝑖𝑖  fixed effects that consider area and time unobserved heterogeneity. 

 
𝐶𝐶𝑖𝑖𝑦𝑦𝑚𝑚  =  𝛼𝛼 +  𝛽𝛽1  ∗  𝑃𝑃𝐿𝐿𝑃𝑃𝑃𝑃 +  𝛽𝛽2 𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿𝐿 +  𝛽𝛽3 𝐻𝐻𝑖𝑖𝐻𝐻ℎ 𝐶𝐶𝐶𝐶 +  𝛽𝛽4 𝐻𝐻𝑖𝑖𝐻𝐻ℎ 𝐼𝐼𝐿𝐿 

+𝛽𝛽5 𝑃𝑃𝐿𝐿𝑃𝑃𝑃𝑃 ∗  𝐻𝐻𝑖𝑖𝐻𝐻ℎ 𝐶𝐶𝐶𝐶 +  𝛽𝛽6 𝑃𝑃𝐿𝐿𝑃𝑃𝑃𝑃 ∗  𝐻𝐻𝑖𝑖𝐻𝐻ℎ 𝐼𝐼𝐿𝐿 + 𝛽𝛽7 𝑃𝑃𝐿𝐿𝑃𝑃𝑃𝑃 ∗  𝐻𝐻𝑖𝑖𝐻𝐻ℎ 𝐶𝐶𝐶𝐶 ∗  𝐻𝐻𝑖𝑖𝐻𝐻ℎ 𝐼𝐼𝐿𝐿 
+𝜏𝜏𝑖𝑖  +  𝜂𝜂𝑚𝑚  + 𝜌𝜌𝑦𝑦  +  𝑃𝑃𝑖𝑖𝑦𝑦𝑚𝑚  

 
Crime was lower in all categories during lockdown (from March to May 2020), except for anti-
social behaviour and drug offences. Anti-social behaviour crime rates were 35% above mean 
during lockdown (which included social distancing violations), while for drug offences the 
magnitude is 17%. Crime post-lockdown (from June to September 2020) remained higher than 
pre-Covid in anti-social behaviour (by about 16%), controlling for area characteristics, as well 
as month and year trends across England and Wales. In the remaining crime categories rates 
were lower controlling for month and year trends. For the sum of total crimes, the rates were 
on average 2% lower. This is likely due to the remaining high mobility restrictions and the 
decrease in social interaction in general. 

Areas which entered the pandemic with above the median claimant rates did not see such a 
high decrease. In fact, compared to the other areas drug offences, public order offences and 
violence and sex offences were higher during the months from June to September 2020. This 
is considering unobserved characteristics within each LSOA, and both month and yearly trends. 
Looking at total crime, LSOAs with above-median claimant rates have experienced an increase 
in crimes of 2%. When we look at variation across crime types, we find a very salient increase 
in public order offence rates, which were 97% over the mean across the sample. Violence and 



sex offences in the months post-lockdown were up by 30% relative to the mean in the high-
claimant rate areas. For drug offences, the magnitude is 16%.  

Areas which experienced a high increase, that is, which saw the claimant rate go up by more 
than the median increase during the months of the pandemic, have higher anti-social behaviour 
and drug offences than the rest. Compared to a national increase over the mean in anti-social 
behaviour of 16% as mentioned, for this sub-group it is 18% above instead. Drug offences are 
up by 3%.  

The most vulnerable areas (higher rate of claimants prior to Covid-19, and an above-median 
increase since March), that is, 12% of LSOAs in the country which belong to both groups 
mentioned above, have higher levels of crime not only in anti-social behaviour and drugs, but 
also higher bicycle thefts. Beyond this, they did not experience the common decrease to the 
rest of the country in other acquisitive crimes such as burglary, shoplifting, and vehicle 
offences. That is, for these crime types, rates remain lower, but the decrease is smaller than in 
other parts of the nations. We believe these areas to be a key element in future policy. As we 
discuss in the next section, they are characterised with a proportionately higher Black and Asian 
population, as well as deprivation indicators such as a higher percentage of lone parents and 
worse health. As mentioned, the national increase in anti-social behaviour was 16% on average, 
while in this area the increase over the mean is 25%. The largest magnitude in the increase for 
this group is in Bicycle theft rates (almost 70% over the mean).  

It is interesting to note the case of bicycle theft, which increased during and since lockdown in 
higher unemployment areas (and high increase areas). This is in line with previous research on 
the economic value of goods and criminal incentives, as documented for instance in Draca and 
Machin (2015). During lockdown the value of alternative modes of transport increased, and 
with it the demand for bicycles, something the popular press has also documented for example 
in Evans and Willis (2020) and in Brignall (2020). While some of the other crime categories 
serve as a sign of social unrest, the case of bicycle theft is one that highlights clear underlying 
economic motives. 

The coefficients in the regression in Table A3 in the Appendix show that the spatial distribution 
of crimes has changed since the pandemic. Different neighbourhoods have been affected 
differently by the pandemic, and this is already reflected in social unrest. Deprived 
neighbourhoods are experiencing more crimes in certain categories, relative to the yearly trend, 
and seasonal and own characteristics. Different offence types call for a renewed allocation of 
policing resources. Policing resources alone does not solve the problem of rising inequality. 
Social policy must be coordinated and aim for job creation, particularly for those sectors most 
in need.   

4 COVID and labour market outcomes 
 
The claimant count in the UK has been on an upwards trend since 2017, as is depicted in Figure 
3. As the pandemic hit the UK and the country had to go into full lockdown in mid-March, 
there was a sharp increase in total claimants. As of end of September 2020, the total number of 
claimants in England and Wales was 116% higher than it was prior to March 2020 (i.e. pre-



lockdown), and within LSOAs the average increase is even higher (171%). We have seen in 
aggregate terms, a small decline in the latest available data for September, relative to August 
(both in claimant and furlough figures). We expect that during the second lockdown, as more 
businesses are forced to shut the number of claimants will increase further. 

The claimant count is not a good proxy for unemployment levels in the context of the current 
pandemic. Brewer et al (2020) document the differences across unemployment measures in a 
recent paper, in which they explain that early figures on claimants during the pandemic 
overestimate job destruction. Besides some issues particular to the current setup, the claimant 
count and the unemployment rate are not the same measure, in general. The unemployment 
rate is the number of people actively seeking employment divided by total active population. 
The claimant count, besides including claimants for Universal Credit (who may or may not be 
in employment, or seeking employment) may be an under-estimate of unemployment in some 
cases. Some jobseekers may not be eligible for JSA or may have preferred to not claim 
unemployment benefits. Beyond that, many people who appear as “employed” in official 
statistics are in zero-hour contracts, which means they also don’t feature in the claimant count. 
More insight on the differences between unemployment figures and the claimant count are 
available in Clancy and Stam (2010). Despite the clear limitations in interpreting the claimant 
count as a direct proxy for unemployment, it allows us to compare economic performance 
across different areas in the country. Changes in eligibility rules that may have affected the 
consistency of the data across time, do not affect consistency across space. Therefore, once we 
control for time-unobserved heterogeneity, the claimant count allows us to compare across 
different areas in the country. The data is publicly available on a narrow level both temporally 
and spatially, which allows us an in-depth analysis.  

Beyond the number of claimants, the pandemic had a strong impact on other employment 
outcomes. Bell et al. (2020) document a decrease of 15 percentage points in hours worked in 
the UK between February and June, which particularly affected the young. This “realistic” 
measure of employment shows an important consequence to labour market outcomes that is 
not reflected in official unemployment statistics. Brewer et al (2020b) document an increase in 
unemployment, and also a reduction in wages for some workers. They also study how the 
pandemic has impacted more strongly in London and in the most deprived areas of the country. 

  



Figure 4: Monthly number of claimants and furloughed jobs (in thousand units) in 
England & Wales, March-September 2020 

 

Source: Authors’ analysis of claimant count figures from the ONS and furlough figures from HMRC 
 
The disparity in the geographic distribution in the furlough take up rates and claimants increase 
is notable, as can be seen in the interactive map available via this link2 where users can select 
between claimant count or furlough. Some snippets of the maps are available in Figures 5 and 
6 below. 

 

  

 
2 Link for printed version: https://tinyurl.com/yxepc93p  

https://lse-hmic.carto.com/u/benjamingebert/builder/528add57-e851-44cd-89f1-33e21c3eaee9
https://tinyurl.com/yxepc93p


Figure 5: Snip of interactive map displaying claimants increase between February and 
July in England and Wales 

 
Source: Authors’ analysis of claimant count figures from the ONS 

 

Figure 6: Snip of interactive map displaying furlough take up rate in England and 
Wales 

Source: Authors’ analysis of furlough figures from HMRC  
 
In order to identify some of these spatial specialisation characteristics we regress the labour 
market outcomes on socio-economic characteristics from the latest Census, as per the 
estimating equation below. We denote each local authority as 𝑖𝑖, 𝑂𝑂𝑂𝑂𝑃𝑃𝐿𝐿𝐿𝐿𝑚𝑚𝑂𝑂 stands for either 
increase in claimants or furlough take up rates, 𝛽𝛽 is a vector of coefficients, Census is a vector 
of socio-economic characteristics and 𝜏𝜏 are region fixed effects (to control for unobserved 
heterogeneity on regional level); 𝜖𝜖 the residual.  

 



𝑂𝑂𝑂𝑂𝑃𝑃𝐿𝐿𝐿𝐿𝑚𝑚𝑂𝑂𝑖𝑖  = 𝛽𝛽 𝐶𝐶𝑂𝑂𝐿𝐿𝑃𝑃𝑂𝑂𝑃𝑃𝑖𝑖  + 𝜏𝜏𝑖𝑖 +  𝜖𝜖𝑖𝑖 
 
We find that while furlough take-up rates are hard to predict by socioeconomic variables on 
local authority level, the increase in claimants is largely explained by socio-economic factors. 
In the regression in Table A4 the Census variables are not statistically significantly different 
from zero in the second column (which uses furlough take up rate as outcome variable). In 
contrast, the increase in claimants was more concentrated in areas that did not have high levels 
of claimants prior to the pandemic, as well as lower levels of lone parent families and a lower 
proportion of black population. Looking at local authority level characteristics we observe that 
the predictors for higher furlough take-up rate and higher increase in unemployment are 
different. This in turn shows that both measures of job destruction reflect very different 
underlying economies. There is, in fact, no correlation between higher increase in claimants 
and higher furlough take-up rates. The graph in Figure 7 shows such correlation as of August 
2020.3 

Figure 7: Increase in claimants March-August 2020, and furlough take-up 
rate 

Source: Authors’ analysis of claimant count figures from the ONS and furlough figures from HMRC  
 
As documented in Chiripanhura et al. (2020), the sectors that furloughed jobs in higher 
proportions were accommodation and food service (80% of workforce furloughed), as well as 
art, entertainment and recreation (68% of workforce furloughed). The evolution of the 
pandemic and the social distancing measures necessary to stop its spread are likely to determine 
the future likelihood of these businesses surviving, and so their employees being able to return 
to work. For now, the furlough support will continue for some months; however, it is unclear 

 
3 The coefficient of regressing the increase in unemployment from March to September on furlough take up rate 

on local authority level is -0.39, with a standard error of 0.33. 



what will happen as the pandemic develops and difficult decisions regarding funding need to 
be made. 

The distribution of the increase in claimants from February to August is depicted in Figure 8. 
The median is an increase of 140% in total claimants, while the mean increase is higher, of 
171% across all local authorities in England and Wales. Only two LSOAs show a decrease in 
the number of claimants since March. These are in Durham county and East Lindsey, 
Lincolnshire 

Figure 8: Increase in claimants March-September 2020 

 
 

Source: Authors’ analysis of claimant count figures from the ONS 
 
Table A4 in the Appendix shows the cross-section analysis of furlough and claimants 
increase on local authority characteristics, as of August 2020. The region fixed effects 
(included but omitted in the table) show that the increase in claimants has been highest in 
London, the South, and Wales. The furlough take-up rate was the highest in the West 
Midlands. 

In order to understand the underlying characteristics of the four areas in our analysis in 
Section 3 we look at the socio-economic determinants of areas being above and below 
median claimant rates before the pandemic, as well as areas above and below the median 
increase in claimant rates during the pandemic (between March and September 2020). 
This allows us to identify which are the most vulnerable (areas that had originally higher 
deprivation and higher impact). Using the latest available data, more than 10% of LSOAs 
are in the high-high group. Another interesting category is those that have been more 
exposed to the job destruction caused by the virus (low levels of claimants but high 
change). This corresponds to the majority of LSOAs in the sample (almost 40%). LSOAs 
in these two ‘high-sufferers’ categories concentrate more in London, the East of England, 
and the South. 



We run a probit regression of the group dummies (indicating levels and change) on socio-
economic characteristics. The regression equation is shown below, where 𝑖𝑖  are local 
authorities, 𝐺𝐺𝐺𝐺𝐿𝐿𝑂𝑂𝐺𝐺 is a dummy variable equal to 1 if the LSOA belongs to such category, 
𝛽𝛽 is a vector of coefficients, 𝐶𝐶𝑂𝑂𝐿𝐿𝑃𝑃𝑂𝑂𝑃𝑃 contains a vector of socio-economic indicators and 
𝜏𝜏 are region fixed effects. 

𝑃𝑃𝐺𝐺(𝐺𝐺𝐺𝐺𝐿𝐿𝑂𝑂𝐺𝐺𝑖𝑖 = 1 |𝐶𝐶𝑂𝑂𝐿𝐿𝑃𝑃𝑂𝑂𝑃𝑃𝑖𝑖 ,𝛽𝛽, 𝜏𝜏)  = 𝜙𝜙 (𝐶𝐶𝑂𝑂𝐿𝐿𝑃𝑃𝑂𝑂𝑃𝑃𝑖𝑖 𝛽𝛽 + 𝜏𝜏𝑖𝑖) 

Results in Table A5 show that the higher increase in claimants occurred in those LSOAs 
that have lower proportion of graduates. The high-high category is characterised by higher 
proportion of Black and Asian population, a higher percentage of lone parents, and a 
higher proportion of population with bad health, all typical indicators of deprivation. 
Lower educational attainment relative to the other LSOAs is the only key socio-economic 
characteristics that both groups (high “sufferers” of the pandemic) share. 

5. Conclusion 

The economic impact of Covid-19 has been severe across the country. The number of claimants 
of unemployment benefits is up by 116% as of September, relative to March 2020. In fact, the 
number of claimants has increased in virtually every part of the country (with less than a 
handful of LSOAs decreasing or maintaining March employment levels). Amid a small 
decrease in the growth in claimants after the summer months, the lockdown measures imposed 
in the autumn meant that many more businesses may need to cease operations, and hence the 
predictions is that this figure may rise further in the coming months. The economic impact is 
more intense in certain parts of the country. In particular, the pandemic seems to have affected 
more strongly areas with lower educational attainment. These areas mostly concentrate in 
London, and the South and East of England. 

The global pandemic has transformed the way criminals engage in crime, and the way police 
respond. There are at least two effects the lockdown measures have had on the “supply” and 
“demand” for crime. On the one hand, by decreasing returns to legal activities, economic need 
may lead some to resort to criminal activities. On the other hand, the fact that fewer people 
leave the house has made committing certain crimes more difficult (ie the probability of being 
caught in a burglary is now presumably much higher). It has also made policing easier, which 
explains a higher number of arrests in drug-related crimes.  

Our results as depicted in Table A3 indicate that differentials in economic impact correlate 
with levels of crime. Areas that saw a higher increase (change) in claimants during lockdown 
now have more crime in the anti-social behaviour, and drugs categories. This is higher than 
the increase across the country. Those areas most vulnerable to the shock (high levels of 
claimants to start with, and a high increase) show higher rates of anti-social behaviour, 
bicycle thefts and did not experience the sharp decrease in certain acquisitive crimes 
(shoplifting and burglaries remained lower relative to mean levels in these months, but not as 
much as they did across the country).  

Areas which are already characterised by deprivation are at risk of entering a difficult loop of 



poverty and crime. On the individual level, the economic disruption caused by Covid has 
affected more strongly those from poor families, and research has shown important disparities 
in educational opportunities (Elliott Major and Machin, 2020). Other explanations of the 
geographical disparity can also be attributed to gender, as research by Hupkau and Petrongolo 
(2020) shows. The decrease in crime that has continued for some after lockdown may not last 
for long if a “wave” of social unrest builds up. Understanding these differences could be useful 
for targeted social policies. 
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Appendix 
 

Table A1: Summary statistics on LSOA level 
Crime data (count of monthly crimes per LSOA) comes from Police UK and spans from 2011 to September 2020. 
Claimant count and census data come from ONS.  Furlough figures are from HMRC. We include claimant data 
from 2017 to September 2020, as well as furlough updated figures from May to August 2020. 

     
Variable Mean Std. Dev. Min Max N 
Crime data      
Anti-Social Behaviour 2.84 2.82 0 58 3,991,748 
Bicycle Theft 0.14 0.57 0 47 3,991,748 
Burglary 0.89 1.16 0 35 3,991,748 
Criminal Damage 1.01 1.33 0 29 3,991,748 
Drugs 0.30 0.73 0 31 3,991,748 
Poss. Of Weapons 0.06 0.26 0 12 3,991,748 
Public order 0.45 1.03 0 42 3,991,748 
Robbery 0.14 0.49 0 36 3,991,748 
Shoplifting 0.32 0.97 0 46 3,991,748 
Theft from person 0.11 0.68 0 61 3,991,748 
Vehicle 0.84 1.16 0 26 3,991,748 
Violence & Sex 1.65 2.22 0 66 3,991,748 
Unemployment and furlough      
Population 1654.51 363.55 362 14696 4,034,282 
Claimants (2017-Jan 2020) 24.03 23.51 0 410 1,320,612 
Employments furloughed 33416.91 24626.03 4300 156200 165,935 
Furlough Take up rate 0.30 0.04 0.17 0.42 165,935 
Claimant Growth March - May 1.68 1.18 0.00 13 34,367 
Claimant Growth March - June 1.60 1.12 0.00 14 34,367 
Claimant Growth March - July 1.66 1.16 -0.25 13 34,367 
Claimant Growth March - August 1.73 1.22 -0.25 14 34,367 
Claimant Growth March - Sept 1.71 1.20 -0.14 15 34,367 
Census      
Perc. Black 0.03 0.06 0 0.65 34,722 
Perc. Asian 0.07 0.13 0 0.99 34,722 
Perc. Lone parent family 0.12 0.06 0 0.44 34,722 
Perc. Higher Education 0.14 0.10 0.01 0.76 34,722 
Perc. Bad health 0.06 0.03 0 0.24 34,722 

 
  



Table A2: Crime rates per 1,000 population for June-September 2019 and 2020, per group 
LSOAs in the Low-Low group have below median claimant rates, and below median claimant rate increases during lockdown, the High-Increase group refers to LSOAs which experience an 
increase in the claimant count above-median since March, `High Claimants’ identifies areas which are above the median in average claimant rate from the period 2010-January 2020. The last 
group includes LSOAs that belong to the two latter groups (the intersection). The claimant count groups were generated with data from ONS. Crime data comes from Police UK and shows rates 
per 1,000 population. The last row shows the difference between the growth of the High-High group and the Control group, per crime rate.  

ASB 
Bicycle 

theft Burglary CDAO Drugs 
Poss. 

Weapons 
Public 
Order Robbery Shoplifting Theft 

Vehicle 
theft 

Vio. 
& 

Sex 

Low - Low 
June-Sep 2019 1.00 0.07 0.37 0.44 0.10 0.03 0.32 0.04 0.14 0.04 0.39 1.18 

June-Sep 2020 1.22 0.07 0.25 0.42 0.12 0.03 0.39 0.03 0.11 0.03 0.30 1.25 

Growth (%) 22.20 -0.25 -30.87 -3.56 28.73 15.70 21.95 -18.10 -21.95 -36.14 -22.23 6.00 

High Increase 
June-Sep 2019 0.97 0.08 0.39 0.42 0.11 0.03 0.32 0.05 0.14 0.06 0.45 1.12 

June-Sep 2020 1.23 0.09 0.27 0.41 0.14 0.03 0.38 0.04 0.11 0.03 0.36 1.20 

Growth (%) 26.50 9.39 -31.33 -1.61 25.53 6.00 19.91 -20.90 -19.62 -40.65 -21.17 7.22 

High Claimants 
June-Sep 2019 2.00 0.15 0.57 0.98 0.28 0.10 0.86 0.14 0.32 0.12 0.62 2.60 

June-Sep 2020 2.24 0.14 0.45 0.94 0.33 0.10 0.97 0.12 0.25 0.08 0.48 2.72 

Growth (%) 11.90 -3.49 -20.33 -3.65 14.95 2.45 12.72 -18.22 -21.77 -32.60 -22.04 4.75 

High-High 

June-Sep 2019 1.61 0.17 0.55 0.63 0.31 0.07 0.56 0.21 0.23 0.18 0.74 1.88 

June-Sep 2020 1.96 0.21 0.43 0.62 0.34 0.07 0.64 0.16 0.20 0.13 0.68 1.98 

Growth (%) 21.56 24.11 -22.06 -0.46 8.99 -4.09 15.19 -22.87 -14.84 -27.51 -9.04 4.93 

High High – Control 
-0.64 24.36 8.81 3.10 -19.74 -19.79 -6.76 -4.77 7.11 8.63 13.19 



Crime data comes from Police UK, claimant data is from ONS. All left-hand-side variables refer to crimes per 1,000 population 
in a LSOA. All regressions include month, year, and LSOA fixed effects. Standard errors are clustered on LSOA level. 

Total crime Anti-social 
behaviour 

Bicycle 
theft 

Burglary Drugs Public 
order 

Robbery Shoplifting Vehicle Violence & 
sex 

Post lockdown (June-Sep 2020) -0.607*** 0.276*** -0.023*** -0.089*** -0.004 -0.063*** -0.019*** -0.041*** -0.152*** -0.351*** 
(0.026) (0.011) (0.003) (0.005) (0.003) (0.006) (0.002) (0.003) (0.005) (0.009) 

Post * High incr 0.019 0.059*** 0.012*** -0.017*** 0.006** -0.012** -0.000 0.003 0.012** -0.032*** 

(0.027) (0.012) (0.003) (0.005) (0.003) (0.006) (0.002) (0.003) (0.005) (0.009) 

Post * High claim. 0.715*** -0.216*** 0.014*** -0.022*** 0.029*** 0.331*** 0.002 -0.030*** -0.029*** 0.655*** 

(0.031) (0.013) (0.003) (0.005) (0.004) (0.007) (0.002) (0.003) (0.005) (0.011) 

Post * High incr * High claim. -0.165*** 0.328*** 0.055*** 0.016** 0.015*** -0.210*** -0.018*** 0.022*** 0.076*** -0.399*** 

(0.044) (0.019) (0.006) (0.008) (0.006) (0.010) (0.004) (0.005) (0.009) (0.016) 

Lockdown (March to May 2020) -0.393*** 0.628*** -0.018*** -0.127*** 0.032*** -0.017*** -0.037*** -0.071*** -0.186*** -0.235*** 

(0.019) (0.006) (0.001) (0.003) (0.002) (0.003) (0.002) (0.002) (0.003) (0.005) 

LSOA FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Month FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Year FE Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes 

Observations 3,991,748 3,991,748 3,991,748 3,991,748 3,991,748 3,991,748 3,991,748 3,991,748 3,991,748 3,991,748 

R-squared 0.836 0.675 0.386 0.261 0.389 0.431 0.400 0.747 0.281 0.584 

Mean 6.138 1.756 0.0832 0.548 0.180 0.275 0.0821 0.193 0.514 1.015 

Table A3: Within-group regressions of crime rates during and since lockdown 



Table A4: OLS regressions of lockdown increase in claimants and furlough take up 
rate on local authority characteristics 
Claimants and area characteristics data from ONS. We lose some observations due to lack of furlough data. 

Region fixed effects included but omitted from output. Standard errors are clustered on local authority level. 

Increase Claimants March-Sep 
2020 

Furlough take up 
rate 

Claimants (2017-Jan 2020) -0.000*** -0.000 
(0.000) (0.000) 

Perc. Black 1.767* 0.056 
(0.916) (0.103) 

Perc. Bad health -10.782*** 0.331 
(2.590) (0.232) 

Perc. Lone parent families -6.934*** 0.146 
(1.968) (0.176) 

East of England 0.067 -0.005 

Ageing Coastal Living 
(0.066) 
-0.344* 
(0.184) 

(0.006) 
0.052*** 
(0.008) 

City Periphery -0.255 0.013 

Country Living 
(0.157) 
-0.331** 
(0.138) 

(0.009) 
0.027*** 
(0.007) 

Ethnically Diverse Metropolitan -0.026 0.048*** 
(0.157) (0.011) 

Expanding Areas -0.321** 0.018 
(0.155) (0.014) 

Industrial and Multi-ethnic -0.346** 0.015 
(0.165) (0.010) 

Larger Towns and Cities -0.418*** 0.012 
(0.138) (0.008) 

London Cosmopolitan -0.265 0.006 

Manufacturing Legacy 
(0.163) 
-0.320* 
(0.164) 

(0.016) 
0.018* 
(0.010) 

Mining Legacy -0.132 -0.017 
(0.214) (0.014) 

Older Farming Communities -0.129 0.051*** 
(0.138) (0.010) 

Prosperous Semi-rural -0.181 0.030*** 
(0.179) (0.009) 

Prosperous Towns -0.242 0.015* 
(0.147) (0.008) 

Rural Growth Areas -0.071 0.020*** 
(0.139) (0.008) 

Rural-Urban Fringe 0.071 0.015* 

Seaside Living 
(0.138) 
-0.515*** 
(0.179) 

(0.008) 
0.024* 
(0.013) 

Service Economy -0.253 -0.000 
(0.184) (0.012) 

Sparse English & Welsh Countryside -0.490*** 0.013 
(0.136) (0.008) 

University Towns and Cities -0.415*** 0.006 
(0.148) (0.011) 

Urban Living -0.395*** 0.018 
(0.150) (0.012) 

Region FE Yes Yes 

Observations 348 326 

R-squared 0.758 0.367 
Mean 1.373 0.299 



Table A5: Probit regressions of claimant group dummies on LSOA characteristics 
Claimants and area characteristics from ONS. All regressions include region fixed effects. Standard errors are 
clustered on LSOA level. 

High, High Low, High 
Pop. density 

Perc. Black  

Perc. Asian 

Perc. lone parent family 

Perc. higher education  

Perc. bad health 

0.001*** 
(0.000) 
0.939*** 
(0.178) 
1.457*** 
(0.072) 
1.787*** 
(0.242) 
-0.236* 
(0.140) 

2.388*** 
(0.511) 

-0.004*** 
(0.000) 
-7.367*** 
(0.537) 
-0.700*** 
(0.107) 
11.925*** 
0.322) 
-0.454*** 
(0.147) 
24.544*** 
0.575) 

Region FE Yes Yes 

Observations 31,266 31,266 



Figure A1: Monthly crime in LSOAs with non-missing data for various crime 
categories  

Total crimes  

Anti-Social Behaviour 



Bicycle theft 

Drug offences 



Possession of weapons 

Public order 



Robbery 

Vehicle theft 



Violence and Sex 

Source: Authors’ analysis of crime data from Police UK 



Figure A2: Map of England and Wales – LSOAs per category according to claimants 
average rates 2017-Jan 2020, and increase in claimant count March-Sep 2020



Figure A3: Map of the London area – LSOAs per category according to claimants 
average rates 2017-Jan 2020, and increase in claimant count March-Sep 2020 



Figure A4 – Proportion of crimes in each category by group, June-Sep 2019 and 2020 

Low Claimants & Low Increase  

High Claimants 



High Increase 

High Claimants & High Increase 
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